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THE IMPACT OF UNCONDITIONAL CASH TRANSFER PROJECT: AN
EVIDENCE OF PILOT SOCIAL SAFETY NETS IN CAMEROON

SUMMARY

Poverty, with its consequences and alternative solutions, is still one of the most
attention grabbing issue for the national governments, international organizations and
non-governmental organizations. As its impacts are visible in different aspects of life,
the priority of solutions still keeps its chair in the top of the government agendas,
policy makers, academics and non-governmental organizations. In this context,
different types of solutions have been introduced in the way of fight against the
poverty.

The increasing importance of poverty brings variety of solutions to the concept of
poverty. Cash transfer programs are one of those important solutions especially after
its first appearance in the late 1990s. By definition, it refers to cash payment to
vulnerable individuals to meet their basic needs whether with a condition or without
setting any condition. The payment provided by international organizations,
development banks, donors or NGOs with the aim of protect vulnerable individuals or
enable them to meet their basic needs.

Concordantly with increasing belief in the effectiveness of cash transfer, there is a
broad literature studying the effectiveness and implications of cash transfer programs.
This paper aims to contribute to the wide literature in several ways. Differently from
other studies, this thesis analyses the impact of unconditional cash transfer as the
majority of impact evaluation studies deal with the impact evaluation of conditional
cash transfer. Secondly, the implementation area of the project is the far north of
Cameroon that is the poorest part of the country. Moreover, the project subjected to
this thesis is a pilot project, which in turn makes the results of this paper worthwhile
when the project is decided to be extended. Lastly, the interested group in the case of
impact evaluation is children aged between 5 and 14. Therefore, this paper
distinctively focuses on specific population group.

The pilot unconditional cash transfer project discussed in this paper was started in 2013
by the government of Cameroon within the scope of 2035 Emerging Vision. The
project provides cash to households living in Soulédé-Roua, the far north of Cameroon
with the aim of increasing the number of poor and vulnerable households accessing to
social safety nets, improving education, health and nutrition, establishing well
designed management information system and create increasing in the managing
household resources. The selection of beneficiary households consists of 6 stages.
First, the choice of regions and departments is made and then beneficiary communities
are selected. The next stage is the selection of beneficiary communities. The
households living in these villages were selected as the potential beneficiary
households. Finally, the methods called Community Based Targeting (CBT) and
Proxy Means Test (PMT) were used in order to choose beneficiary households. In this
context, 2000 families from 15 villages were chosen as beneficiary household for
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unconditional cash transfer project. Households received 360,000 CFA in total during
24 months. Payments to households made between November 2013 and January 2016.
In average, every households get 15,000 CFCA corresponding 20% of the households’
expenditure for living in a month. In the process of selecting beneficiary households
the combination of Proxy Means Test (PMT) and Community-Based Targeting (CBT)
were used.

In brief, this study asks the question of how children affected from social assistance
programs when their parents have no obligation to spend cash they received for them.
The dimensions used to evaluate child wellbeing are child education and child labor.

The number of children going to school, the number of children dropping out of the
school, the number of children going to school last two years and the households’
expenditure for education are indicators for education while the number of children
engaged in any economic activity last 12-months and the number of children engaging
with family business, household chores and working as student are the indicators for
child labor in this thesis. Baseline survey from 2013 and endline survey from 2016
provided by National Institute of Statistics are the main data sources for this study. As
a statistical method to evaluate the impact of unconditional cash transfer pilot project,
Difference in Differences methods were used. In order to compare beneficiary
households with control group, households from Hina was selected, as it is located in
the same region, called Mayo Tsanaga, with Soulédé-Roua. Moreover, they show the
similarity in the case of poverty, culture and behaviour. Lastly, as they are
geographically far away from each other, this enables to avoid contamination since
they do not share the same market. Firstly, comparison of beneficiary households from
Soulédé-Roua and non-beneficiary households from Hina were introduced without
adding any covariates into the regression and afterwards the same comparison was
introduced with covariates to isolate the impact of unconditional cash transfer pilot
project from the other differences between two comparison groups. Moreover, the
same comparison with and without control variables was introduced for all households
from Soulédé-Roua and non-beneficiary households from Hina. Lastly, the results
gained from Propensity Score Matching (PSM) and its combination with Difference
in Differences (DID) are presented.

The result of this paper provides that there is statistically significant increase in the
number of children going to school and decrease in the number of children dropping
out of the school concordantly. By providing their schooling last two years, this thesis
shows that there is also statistically significant increase in their stability for
participating the school. Naturally, these increases in schooling bring extra cost for
households. Hence, beneficiary households’ total expenditure for education increases
as well. However, this study also provides that there is an increase in child labor among
beneficiary households. This increase is seen in both the number of children working
in paid works and the number of children engaging with family business, household
chores and working as student. Considering both results together, increase in child
education brings extra costs to households’ budget, which, in turn, corresponds to
increase in households’ expenditure for education. To defray this increase, households
are tend to send their children to work. Hence, there is an increase in the number of
working children. Finally, the paper provides that the concepts of child education and
child labor show a complementary characteristic rather than substitutes.
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KOSULSUZ NAKIT TRANSFER PROGRAMLARININ COCUKLARA
ETKIiSi: KAMERUN’DA PiLOT SOSYAL GUVENLIK AGI ORNEGiI

OZET

Yoksulluk, sonuglar1 ve alternatif ¢éziimleriyle hala ulusal hiikiimetler, uluslararasi
kuruluglar ve sivil toplum kuruluslari i¢in en dikkat c¢ekici konulardan biri olmaya
devam etmektedir. Etkileri insan hayatinin farkli yonlerinde goriilebildiginden,
¢oziimlerin Onceligi halen hiikiimet giindemlerinin, politika belirleyicilerinin,
akademisyenlerin ve sivil toplum kuruluslarinin en temel giindem maddelerinden biri
olmaya devam etmektedir. Bu ¢ercevede, yoksullukla miicadelede farkli ¢6ziim yollar
ortaya konmustur.

Yoksullugun 6neminin artmasiyla beraber, yoksulluk kavramina gesitli ¢oziimler
ortaya konmustur. Nakit transferi programlari, 6zellikle 1990'1arin sonlarinda ortaya
ciktiktan sonra 6nemli ¢éziim yollarindan biri olmustur. Tanim olarak, korunmasiz
durumdaki bireylere, sartli veya sartsiz olmak iizere temel ihtiyaglarini karsilamak i¢in
nakit 6deme anlamina gelmektedir. Bu 6demeler uluslararas: kuruluslar, kalkinma
bankalari, bagis¢ilar veya STK’lar tarafindan korunmasiz bireyleri korumak veya
temel ihtiyaclarini karsilamalarin1 saglamak amaciyla saglananmaktadir.

Nakit transferinin etkinligine olan inancin artmasiyla birlikte, nakit transfer
programlarinin etkinligini ve etkilerini inceleyen genis bir literatiir de ortaya ¢ikmustir.
Bu makale, halihazirda genis olan literatiire c¢esitli sekillerde katkida bulunmay1
amaclamaktadir. Diger ¢alismalardan farkli olarak, etki degerlendirme calismalarinin
biiyiik ¢ogunlugu kosullu nakit transferleri ile ilgilenirken, bu tez, kosulsuz nakit
transferinin etki degerlendirmesi ile ilgilenmektedir. Ikincisi, burada incelenen
projenin uygulama alani, Kamerun'un en kuzeyindeki iilkenin en fakir bolgesidir.
Dabhasi, bu teze konu olan proje bir pilot proje oldugundan, projenin uzatilmasina karar
verildiginde, bu yazinin sonuclar1 daha degerli bir hal alacaktir. Son olarak, etki
degerlendirmesi durumunda ilgilenilen grup, 5-14 yaslar1 arasindaki ¢ocuklardir. Bu
nedenle, bu makale spesifik bir sekilde belirlenmis belli bir niifus grubuna
odaklanmaktadir.

Bu yazida tartisilan kosulsuz pilot nakit transferi projesi, 2035 Yiikselen Vizyon
kapsaminda Kamerun hiikkiimeti tarafindan 2013 yilinda baslatilmistir. Proje
kapsaminda, Kamerun’un en kuzeyindeki Soulédé-Roua'da yasayan hanelere nakit
para saglanarak korunmasiz ve fakir durumdaki hane halklarinin sosyal giivenlik
aglarina erisiminin arttirilmasi, egitim, saglik ve beslenme kosullarini iyilestirilmesi,
iyi tasarlanmig bir bilgi yOnetim sisteminin kurulmasi amacglanmistir. Projeden
faydalanacak hane halklarinin segilmesi 6 asamadan olusmustur. ilk olarak, bolge
secimi yapilmis ve ardindan faydalanici topluluklar se¢ilmistir. Bir sonraki asamada
ise proje kapsaminda faydalanict kdyler belirlenmistir. Bu kdylerde yasayan hane
halklarindan potansiyel faydalanici hane halklar1 seg¢ilmistir. Bu kapsamda,
toplamdal5 koyden 2000 aile proje kapsaminda kosulsuz nakit transferinden
faydalanmistir. Hane halklar1 24 ay boyunca toplamda 360.000 CFA nakit yardimi
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almistir. Odemeler 2013 yilinin Kasim ayr ile 2016 yilinin Ocak ayr boyunca
yapilmistir. Ortalama olarak, her hane halki aylik 15.000 CFCA almistir ve bu tutar
aylik asgari ge¢im harcamalarinin  %?20’sine tekabiil etmektedir. Projeden
faydalanacak hane halklarinin se¢iminde ise hem Temsili Ortalama Degerlendirmesi
(TOD) hem de CBT’den faydalanilmistir.

Kisaca, bu ¢alisma, ebeveynlerinin, proje kapsaminda aldiklar1 paralar1 kendileri igin
harcamak zorunda olmadiklart durumda, ¢ocuklarin bu sosyal yardim programlarindan
nasil etkilendikleri sorusunu sormaktadir. Cocuk refahini degerlendirmek igin
kullanilan boyutlar ise ¢ocuk egitimi ve ¢ocuk is¢iligidir.

Okula giden ¢ocuk sayisi, okulu birakan ¢ocuk sayisi, son 2 yilda okula gitmeye devam
eden ¢ocuk sayist ve hane halkinin egitim harcamalar1 egitim gostergeleri olarak
kullanilirken; son 12 ayda herhangi bir ekonomik aktiviteye katilmis ¢cocuk sayisi ve
ev islerinde, aile islerinde ya da 6grenci olarak ¢alisan ¢ocuk sayisi bu tez galismasinda
cocuk isciligi gostergeleri olarak kullanilmistir.

Ulusal Istatistik Enstitiisii tarafindan 2013'te yapilan baslangic anketi ve 2016’da
yapilan son anket, bu ¢calismanin ana veri kaynaklaridir. Pilot kosulsuz nakit transferi
projesinin etkisinin degerlendirilmesinde istatistiksel bir yontem olarak, Farklarin
Farki yonteminden yararlanilmistir. Sonrasinda ise Egilim Skoru Eslestirmesi yontemi
ile Farklarin Farki yontemi kaynastirilarak kullanilmistir. Yararlanici hane halklarim
bir kontrol grubu ile karsilastirmak icin Soulédé-Roua ile ayni bolgede, Mayo
Tsanaga, bulunan Hina’daki hane halklar1 se¢ilmistir. Dahasi, bu iki bolge yoksulluk,
kiiltiir ve davranis durumlarinda da benzerlik gdstermektedir. Son olarak, cografi
olarak birbirlerinden uzak olduklarindan, ayni piyasayr da paylasmamakta ve bu
sayede pilot kosulsuz nakit transferi projesinin etkilerinin Hina’ya da yansimamasi
saglanmistir. {1k olarak, Soulédé-Roua’daki yararlanici hane halklarinin ve Hina’daki
yararlanici olmayan hane halklarinin karsilastirilmasi, regresyona kontrol degiskenleri
eklenmeden tanitildi ve sonrasinda ayni karsilastirma, pilot kosulsuz nakit transferi
projesinin etkisini hane halklar1 arasindaki diger farkliliklardan izole etmek igin
Farklarin Farki regresyonuna kontrol degiskenleri eklenerek yapilmistir. Son olarak
ise, Egilim Skoru Eslestirmesi Modeli ile Farklarin Farki modeli kaynastirilarak elde
edilen sonuglar sunulmustur. Ayrica, Soulédé-Roua’daki tiim haneleri ve Hina’daki
yararlanici olmayan haneleri karsilastirmak i¢in de Farklarin Farki regresyonuna
sirastyla kontrol degiskenleri eklemeden ve kontrol degiskenleri eklenerek yapilmistir.

Bu yazinin sonucu, okula giden ¢ocuk sayisinda istatistiksel olarak anlamli bir artis ve
okuldan ayrilan c¢ocuk sayisinda ise istatiksel olarak anlamli bir diisiis oldugunu
gostermektedir. Bu tez, son iki yildaki okula giden ¢ocuklarin sayisin1 da gostererek
bu ¢ocuklarin ayn1 zamanda istikrarli bir sekilde egitimlerine devam ettigini ortaya
koymaktadir. Dogal olarak, okullagmadaki bu artiglar hane halki i¢in ek bir maliyet de
getirmektedir. Dolayisiyla, yararlanict hane halklarim egitim i¢in yaptiklar
harcamalarda da istatistiksel olarak anlamli bir artis oldugu goériilmektedir. Bununla
birlikte, bu calisma yararlanicit hane halklar1 arasinda ¢ocuk isciliginde de bir artis
oldugu ortaya koymaktadir. Bu artig, hem fticretli islerde calisan ¢cocuk sayisinda hem
de ev islerinde, aile islerinde ya da Ogrenci olarak ¢alisan cocuk sayisinda
gorilmektedir. Her iki sonug birlikte ele alindiginda, ¢ocuk egitimindeki artigin hane
halki biitgesinde ek bir maliyet yarattigt ve bunun da hane halkinin egitim
harcamalarinda artisa tekabiil ettigi goriilebilir. Bu artigla basa ¢ikmak icin ise hane
halklar1 ¢ocuklarini ¢aligmaya gonderme egilimindedirler. Bu nedenle ¢alisan ¢ocuk
sayisinda da bir artis gériilmektedir.
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Son olarak, bu yazi ¢ocuk egitimi ve ¢ocuk is¢iligi kavramlarinin ikame degil aksine
tamamlayici bir 6zellik gosterdigini ortaya koymaktadir.
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1. INTRODUCTION

Finding a robust solution for poverty is still one of the most important conflicts of 21th
century. Although the fight against the poverty is in progress, it unfortunately still
stands as a life fact issue, especially for the poor countries. It is commonly thought that
poverty is completely income-related issue, however factual reality of poverty imposes
difficulties on a daily basis in every aspect of life. Unhealthy living conditions,
malnutrition, higher infant mortality, insufficient drinkable water resources and poor
health conditions suggest that poverty continues to be a very serious problem in many
countries. From social life to economic life, from health, education or human capital
to the basic needs of human lives, the effects of poverty are highly visible. In
definition, poverty means more than lack of money; it corresponds to the lack of
meeting basic needs of someone. As there are different definitions of poverty, there
are also different perspectives of how to define it. Most known methods are absolute
poverty and relative poverty. By definition, the former one is about income and
whether it is sufficient to meet basic needs of someone or fall behind of it, the latter
one is a moving target and it takes the rest of a society into account and other economic
and cultural needs. However, both concepts are mostly interested in income and
consumption although poverty is much more than both.

As the multifarious impacts of poverty are observable at different aspects of life, it is
still priority for countries to find a solution to poverty in order to accomplish their
development goals. For this purpose, fight against the poverty is still listed in the top
at government agendas, policy makers, academics and non-governmental
organizations. In the way of achieving development goals, especially for undeveloped
and developing countries, poverty and the possible ways of its solutions play a key
role. Even Sustainable Development Goals (SDG) accepted by the members of United
Nations (UN) includes poverty and the tools take part in the struggle with it. Social
protection finds place under the first goal of SDG, which is “End poverty in all its form
everywhere”, and the social protection programs are deemed as the most important

tools to achieve this goal. In the same report by UN, it is found that 45% of the



population in the world benefits from at least one social protection cash assistance.
(The Sustainable Development Goals Report, 2018).

The main role of the social protection programs is to help vulnerable people protect
themselves from poverty and destitution through the tools that in turn improve
resilience, equity and opportunity (Mundial, 2012). The types of social protection
generally categorized as social assistance, social insurance and labor market programs
(Arnold et al., 2011). The social assistance from these categories is one of the most
used one all over the world and it generally refers to money assistance, food assistance,
fee waivers or school feeding for children to provide their basic needs (ILO, 2010).
Either in cash or in-kind every benefits to vulnerable can be categorized under social
assistance. In another words, social assistance programs come to the forefront as
“redistribution programs” (Woolard & Leibbrandt, 2013).

Additionally, the recent economic crisis and increasing inequality among countries put
emphasis on social protection programs named as “smart investment” by Lin and
Phumaphi because it is an effective way of fight against poverty (Lin and Phumaphi,
2009).

Although there are different ways of implementing social assistance programs, one of
its forms, called cash transfer, is spreading all over the world parallel with a belief that
it is most effective tools in the way of reducing poverty. In the simplest term, by
definition, cash transfer is a cash payment to vulnerable individuals to meet their basic
needs (Garcia & Moore, 2012). The cash payment is generally provided by
governments, international institutions, development banks, donors, NGOs or
sometimes by partnership of a few of these organisations (Garcia, 2012). The main
driving force behind this transfer is that providing additional income to poor
individuals prevents those individuals from negative income shocks; protect their
living standards and more generally enabling them to meet their essential needs
(Arnold, 2011). Apart from providing additional income for individuals or households,
cash transfers have also another impact on human capital, savings or access to loans.
With the help of getting cash transfers, whether conditional or unconditional,
individuals can ensure the investment on their education and health which in turn
increasing human capital (Bastagli et al., 2016). Generally, the aim of the assistance is

to decrease poverty, in some cases, the targeted aim of the project might be specified



beforehand such as health, education, child labor, saving, investment and other more
specific areas. However, the main difference between cash transfer programs occurred
in the difference of their design. More specifically, there are two main difference
according to their conditionality set before the project. The condition is set on where
beneficiary individuals or households can spend cash they get in the context of cash
transfer program. By definition, conditional cash transfer (CCT) requires certain
specifically determined conditions to be met by beneficiaries (Doetinchem et al., 2008)
while unconditional cash transfer programs (UCT) allow beneficiaries to have freedom
of choice about on what they can spend cash they receive (Bastagli, et al., 2016). The
theory behind using CCT is based on the lack of full information of poor households
about the long-term benefits of monetary assistance (Fiszbein&Schady, 2009) and in
order to maximize the benefit gained from the project, the projector set the condition
to be fulfilled by beneficiaries. In this context, UCT uses that beneficiaries are rational
actors and there is no need to set any condition for individuals or households receiving
cash transfer, the transfer amount will result in increased use of public services
(Arnold, 2011). It is still not clear to decide which one of these cash transfer types are
better or create greater impact in the way of alleviating the poverty. Apart from the
difference on setting conditions or not to be able to benefit from the project, there are
also some other differences in applying the cash transfer although the main intuition
behind is almost the same. Since the main target group is poor and vulnerable
individuals, it is also important to identify those individuals who is not able to afford
their basic needs. In the process of identifying beneficiaries, the most commonly used
methods are Proxy Means Test and Community Based Targeting. The former one is
basically relied on statistical method to generate predictor and the letter is basically
based on community participation in deciding who to benefit from cash transfer project
(Stoeffler, Mills and Del Nino, 2016). The other differences in designing the project
occur in the level of the transfer (Bastagli, 2009), timing and frequency of the payment
(Fiszbein&Schady, 2009), duration (Sabates-Wheeler & Devereux, 2011), recipients
of the transfer (Fiszbein&Schady, 2009). These four factors are main differences in
designing the cash transfer project and therefore the results of project on outcomes
may differ related to these differences in design (Bastagli, Francesca et al., 2016).

The popularity of cash transfer projects increased firstly in the late 1990s in South

American countries and afterwards spreading over low and middle-income countries



(LMICS) especially in the early 2000s (Arnolds, 2011). Currently, its implementation
areas are South America, South-East Asia, Africa, Eastern Mediterranean and Western
Pacific (Garcia, 2012). As it can be seen from aforementioned, the implication of CT
projects starts covering not only middle-income countries but also low-income
countries. In 1997, there were just 3 project implementing in Brazil, Mexico and
Bangladesh (Kabeer&Waddington, 2015), by 2008, the number of the projects became
30 (Fiszbein&Schady, 2009) and currently there are 130 operating cash transfer project

all over the world (Hagen-Zanker, Jessica, et al., 2016).

Considering its progress in economic growth during the last years, poverty level still
stands as a problem for Cameroon. Safety nets programs implemented in Cameroon
have a problem of limited resources, weak coverage and poor targeting, hence its only
0.23% of Cameroon’s GDP which makes the country one of the lowest ranked in the
SSA (Stoeffler, 2015). According to Nguetse-Tegoum (2011), there are 4.7 million
chronic poor in Cameroon in addition to 9.9 percent transient poor and 4 percent
progressive poor. With the motivation of decreasing poverty in the country, the
government in Cameroon started Unconditional Cash Transfer Pilot Project in 2013.
The main motivation of the project is to help poor households satisfy their short-term
needs without any condition to be able to receive cash payment. The project involve
poor and very poor households in the far north of the country. Cameroon is today
categorized as lower-middle income country (categorized by the World Bank) and
despite of its variety of natural resources such as oil, natural gas, mineral and
agricultural products and recent progress of growth over the last few years, it is still
struggling with income inequalities among its regions especially between south and
north. According to the latest data from World Bank (2010) and UNICEF (2013),
49.81% of total population is under 18 in Cameroon although just 3.2% of total GDP
is allocated for their education. In the case of education, Table 1.1 shows the detail
according to US Department of Labor (DOL, 2011-2014). It shows that child labor
have been serious problem for the country while the percentage of children combining
work and school were also increasing during the years project implemented. The rate
of primary education according to UNICEF statistics is just 46.4% in 2012 while the
percentage of children combining work and school is substantially increasing year by
year which actually shows that child labor is still serious problem for the country.

Although the rate of school attendance is high relatively to the other countries in



Africa, there is substantial difference between south and north part of the country.
Adding the reality of child labor to these statistics create a worse picture for children
in Cameroon as the rate of child labor estimated to be 56% by US Department of Labor
(DOL, 2017).

Apart from being categorized as lower-middle income category, poverty and
inequality are on the top list of government agenda in Cameroon. In order to decrease
inequality among its regions and alleviate poverty from people’s life, Cameroon shows
a moderate advancement according to US Department of Labor published in 2017
(DOL, 2017).

Table 1.1: Educational Indicators for Cameroon

2011 2012 2013 2014
Age Percent | Age Percent | Age Percent | Age Percent
1 0, - - 3 -
Working (_A) and 5-14 365 5-14 365 5-14 56.2 5-14 56.2
population) years years years years
Attending School (%) | 2% | go4 | > | gog | 211 g7 | 14 997
years years years years
Combining Work and 7-14 341 7-14 341 7-14 597 7-14 597
School years years years years

Primary Completion
Rate (%)

78.3 78.3 72.9 72.2

Source: The reports published by US Department of Labor in 2011 and the following years

However, the severity of poverty takes more effects on life of children. Them being
most vulnerable population category of society, their dependency and the importance
of basic needs for the early years of life causes poverty to be terminally dangerous for
children. Additionally, the effect of poverty on human capital presents worse situations
for countries dealing with this problem. According to Brooks and Duncan (1997), the
effects of poverty in the long-time is greater than its effect in the short run for children.
Poverty has negative impacts on children’s education, health and even their cognitive
development (Treanor, 2012). In particular, the importance of investing in human

capital, resulting from the negative impact of poverty, has long-term impacts at both



the individual level and national level. Therefore, it is vital for countries to improve

conditions for children in decreasing the intergenerational poverty.

Since the rate of return of human capital investment is at its highest level in the early
stage of childhood, this issue is highly attention grabbing for academics, policy makers
and the governments. A growing literature shows that there is a positive correlation
between child development and human development indexes through changes in
education, health, social capital and inequality (Van der Gaag, 2010). The early years
in the life of a child is the most important stage for them and due to the importance of
this stage, their needs have to be met in order to increase their well-being for the rest
of the life (Merrick, 2008). In this context, different kind of social safety nets projects
are implemented such as cash transfers, in-kind transfers, scholarships and free lunch
for students have been implemented and cash transfers are one of the most common
tools conducted by many governments in order to increase child wellbeing. Cash
transfer projects play a key role in decreasing intergenerational poverty between
parents and children (Kabeer et al., 2015).

All of these consequences of poverty and the tools mentioned above constitute of the
main motivation for of this paper. The main goal of the paper is to analyse the impact
of UCT implemented in SSA on children in the context of education and labor.
Increasing importance of social protection program, specifically cash transfer
programs, increases the importance of analysing the effectiveness and consequences
of these projects. Therefore, in the most general form, this paper asks the question of
how children affected from social assistance programs when their parents have no
obligation to spend the cash they received. Hence, the paper aims to shed light on that
how children affected when their parents are the beneficiary of unconditional cash
transfer programs. Since there is an increasing popularity of cash transfer projects,
there is still lack of papers evaluating the impact of unconditional cash transfer in
especially Sub-Saharan Africa. The recipients of this pilot project are the poorest
individuals in the northern part of Cameroon; these characteristics of beneficiary
households also make a study important to contribute the literature. Lastly, the
importance of children especially for poorest countries because of their
intergenerational chronic poverty in and its high return of investment on children
increases the necessity of evaluating the impact of cash transfer programs implemented

there.



The first contribution of this paper is to the literature. Although there is a broad
literature about the concept of cash transfer programs and their implication, the paper
aims to contribute it by analysing the unconditional cash transfer program as the
majority of studies are about the conditional cash transfer programs. Secondly, the
implementation area of the project is meticulously defined, and it is the poorest of the
poor. Hence, the study is analysing the impact of unconditional cash transfer when the
poorest households have no obligation for spending of the assistance. Thirdly, the
project analysed in this study is the pilot project, which means that if it works in the
poorest region of Cameroon, it can be implemented any other region as well. Lastly,
the interested group of this study is specifically defined as children. Hence, the analysis
focus on the specific category of population instead of the general impact evaluation

of the project.

After introducing the importance of cash transfer programs for LMICs and giving the
current situation in Cameroon, the literature review comes afterwards in Section 2. In
Section 3, the pilot project introduced and the data used in the analysis is explained.
The next section is based on the methodology and methods used in the process of
impact evaluation. It firstly presents impact evaluation and then difference in
differences and its combination with propensity score matching methods introduced.
Section 5 is about the empirical results of this study and divided into two parts as
education and labor. Section 6 is the last part of this study and in this part, conclusions
and policy recommendations introduced in order to increase the effectiveness of Pilot
Social Safety Net Project in Cameroon.






2. FINDINGS OF THE IMPACT OF CASH TRANSFERS

Income poverty and vulnerabilities in LMICs present central concerns for national
governments, international organizations, nongovernmental organizations and civil
society. After at first appearance in the 1900s, cash transfer, projects are currently
spreading all over the world. There is growing increasing belief conditional and
unconditional cash transfer projects are most effective tools used in the process of

alleviate poverty and help vulnerable individuals (Gentilini et al., 2014).

In the first instance, the popularity of cash transfer projects increased firstly in the late
1990s in South American countries and afterwards spreading over LMICS (low and
middle-income countries), especially in the early 2000s (Arnolds, 2011). Nowadays,
the implementation areas are South American, South-East Asian, Africa, Eastern
Mediterranean and Western Pacific (Garcia, 2012). Additionally, the implication of
CT projects starts covering not only middle-income countries but also low-income
countries. In 1997, there were just three projects implementing in Brazil, Mexico and
Bangladesh (Kabeer&Waddington, 2015); by 2008, the number of the projects became
30 (Fiszbein&Schady, 2009) and currently there are 130 operating cash transfer project
all over the world (Hagen-Zacker, Jessica, et al., 2016).

The main difference between the type of cash transfers occurs regarding there is any
condition that receivers must fulfil or not. This difference also shows up in the
literature in analysing whether setting a condition has any significant impact on the
output. The findings differ across study and the output measured in the studies.
Fiszbein and Schady (2009) provides that it is still unconvincing whether adding to
condition to the project gives better results or not. Supporting to this idea, Arnold
(2011) says that it is sufficient to provide cash alone to beneficiaries without needing

any condition since these conditions create additional costs for providers.

Furthermore, World Bank-led project in Malawi provides that adding a condition to
cash does not produce any improved outcome (Baird, S. Et al., 2010). As opposed to
this idea, evidence from Mexico provides that condition lead better impact of cash
transfer (Arnold, 2011). De Brauw and Hoddinott (2011) in their paper studying the



impact of cash transfer implemented in Mexico (Oportunidades) provides that
conditionality has greater effect on children attendance and enrollment the school.
Then again, another study by Baird, Craig and Ozler (2010) found that although
conditionality creates greater effect on education output for children, UCTs is more
effective in the case of pregnancy and child marriage. Moreover, Luseno (2013),
Miller and Tsoka (2012) and Boone (2013) ensure that unconditional cash transfer can
also be effective in output measure such as health, child labor and productivity
relatively. Another idea supporting not set any condition approaches to the subject fom
the perspective of human rights. They recommend that cash transfers are tools to
decrease poverty and it aims to enable individuals to meet their basic needs, therefore
setting a condition to be able to receive is just violating the human rights (Kiinneman
et al., 2008). Consequently, setting a condition in the design of cash transfer is not

necessarily needed to observe positive or greater effect on the outcome measured.

Collaterally to increasing literature studying the impacts of cash transfer projects, the
indicators used to analyse of cash transfer projects differ substantially. In the broad
literature, the most used outcomes measured are monetary poverty, education, health
and nutrition, savings and investment, employment (for both adults and children) and
empowerment. In 2016, Overseas Development Institute (ODI) reported that 35
studies find an increasing in total expenditure while one study found a decrease in total
per capita consumption (ODI, 2016). In the case of health and nutrition, 9 studies
showed statistically significant increase in using of health facilities whereas Evans et
al. (2014) contributed that there is a decreasing in health consultation after 31-34
months but due to health improvements. Additionally, 7 studies show statistically
significant improvement in dietary diversity but no improvement in anthropometric
outcomes. As for savings and investment, five studies found statistically significant
increase in household savings that takes its source from cash transfers. Nevertheless,
the case of borrowing is mixed in the literature, according to the ODI’s report (ODI,
2016) 4 studies provide an increase in households’ debt while 3 studies provide a
decrease and 7 studies provide no significant results. Lastly, empowerment is another
output used to measure the effect of CTPs. 6 studies out of 8 provide significant
decrease in abuse by a male partner while 2 studies suggest that there is a positive
relation (Eswaran&Malhotra, 2011). In the case of empowerment, pregnancy is one of

the most used outcomes. In the literature there are 5 studies providing that cash
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transfers have a role in decreasing the likelihood of pregnancy (ODI, 2016). In addition
to that, marriage is another component in the context of empowerment. 5 studies using
the marriage in school-age girls found significant decrease and 3 of them provided
delayed marriage (Baird et al., 2010 and 2011).

Since cash transfer projects are expected to encourage vulnerable households to invest
also in human capital (Hoop&Rosati, 2014), education is one of the most used
indicators to observe whether households using cash they received from the project for
their children or not. Therefore, there is a broad literature analysing the effect of cash
transfer on child education. The most commonly used indicators are school attendance
(Evans et al., 2014), test scores (Akresh et al., 2013), enrollment (Romeo et al., 2014),
dropout (Saavedara&Garcia, 2012), absenteeism (Seidenfeld&Handa, 2011) and
cognitive development (Macours et al., 2012). According to Bair et al (2013) school
attendance and school enrollment are immediate results of cash transfers while its
impact on test score is final outcomes. The findings on education suggest that cash
transfers have a positive impact on school attendance by removing financial barriers
on education (ODI, 2016). It is prevalently seen that CTPs have highly impact on
school attendance. Duryea and Morrison (2004) showed that there is an increase in the
probability of school attendance in paper they studied the program in Costa Rica. The
report by ODI provides that 13 studies out of 20 studies found statistically significant
impact on school attendance (ODI, 2016). Additionally, Akresh et al., (2013) and
Benhassine et al. (2015) found statiscally significant increase in school attendance
among children whose families received cash transfer. As for other indicators, Schultz
(2004) found that enrollment rate increased after the cash transfer project in Mexico
and Baird et al., (2013) reported that both UCTs and CCTs have significant and
positive effect on school enrollment. However, enroliment does not guarantee that
children enrolled the school will keep attending the school. Another output that can
also be an indicator for the difference between enrollment and attendance is dropping
out the school. Findings suggest that cash transfer is an effective tool in decreasing the
dropout rate (Kilburn et al., 2017). Although it is not easily observable in the short
time, there are a few studies reported the positive effect on test scores as well.
Benhassine et al. (2015) and Evans et al., (2014) reported positive impact of cash
transfer on test scores. Lastly, the positive effect of cash transfer programs are also

observable in cognitive scores as found by Tommasi (2015).
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In contradiction with these findings, there are other studies found opposite results in
their analysis. For example, Akresh et al., (2013) did not find any significant impact
of CTPs on test scores while Baez and Camacho (2011) found negative impact on test
scores. Fernald and Hidrobo (2011) and Paxson and Schady (2007) no significant
effect of cash transfer on cognitive development. Additionally, Merttens et al., (2015)
found that proportion of children attending to school decreased after CTPs

implemented.

Child labor is another highly attention grabbing field to measure the effect of cash
transfer projects on. In the literature, the most used indicators for measuring the effect
of cash transfer programs are child work, child labor intensity, child work and intensity
by sectors and working hours in a week. The most of articles studying measuring the
impact on labor are from Latin America, and afterwards sub-Saharan Africa is next
most studied area for the concept of labor (ODI, 2016). For adults’ work, which is not
the concern of this paper, the evidence from the literature are still complicated and
there is limited evidence providing that adults work less after receiving payment. The
fact remains that; child labor is another important indicator even when measuring
human capital investment. The important thing to emphasize here is that child labor is
not a concept that easily appear in the statistics (Hoop&Rosati, 2014). The studies
showing the effect of cash transfers on school participation presents relatively less
evidence about the effect on child labor (Rawlings&Rubio, 2005) and moreover
increases in school participation does not mean that there has to be decrease in child
labor as child labor and school participation can be carried out simultaneously
(Hoop&Rosati, 2014). Another paper emphasised that increasing in school enrollment
cash transfers have an effect in decreasing labor force participation of children (Kabeer
et al., 2012). Reduction in child labor as a result of CTPs are mostly seen in Latin
America while in sub-Saharan Africa there is no study founding significant reduction
in child labor. This shows the parallelism with the idea of Hoop and Rosati (2014)
indicating CTPs are also affected from the area where project implemented. Another
related paper suggested that increasing opportunity cost of education change priorities
of households which in turn increase the number of children labor (Agiogbu-Kemmer,
1992).

Although it effects variety of fields, there is no guarantee that CTPs always change the

preferences of households in the case of child labor. AIR (2014), Daidone et al.,
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(2014a) and Merttens et al., (2015) provided no significant effect on child labor
resulted from CTPs in SSA. A few studies found statistically significant reduction in
children’s working hours while studies from SSA do not show any significant effect
resulted from CTPs (Benhassine et al., 2013). As can be seen everywhere around the
world, the difference between boys and girls engaging the economic activity is present
in SSA. Although there is no study provided the evidence form SSA, there are some a
few study from Latin America showing the different effect of CTPs on boys and girls
in the case of hours worked (Maluccio, 2005; Alam et al., 2011). Apart from these
positive results on child labor, there is still something to take into account: household
chores. Miller and Tsoka (2012) shows that participation of children in household
chores increases although pay for work among children decreases. At first appearance,
it might seem like CTPs are effective on decreasing the child labor but not household

chores, which still keep children out of school, should be kept in mind.

As can be seen above, the effect on any outcome resulted from CTPs depend on
differences in designing the project. Conditionality, the level of transfer, timing and
the frequency of the payment, duration, recipients of the transfer and the area where
project is implemented are the factors effecting the direction and size of the impact of
CTPs on measured outcomes. One study suggests that the positive effects of CTPs on
children are greater when cash received by female (Quisumbing&Maluccio, 2000).
Therefore, the size and the direction of the impact can vary according to designing and
place of implementation which in turn leading to a broad literature of impact

evaluation of CTPs.
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3. PROJECT DESCRIPTION AND DATA
3.1 The Project Description

In 2013, the government of Cameroon implemented the project of unconditional cash
transfer within the scope of 2035 Emerging Vision that gives a monetary assistance to
poor and very poor households in the far north of Cameroon in an attempt to decrease
poverty and enable households to provide their short-term needs. More specifically,
UCT launched by the Government of Cameroon with the help of World Bank and aims
to increase the number of individuals taking advantage of social safety nets, develop
national capacity in the management of social safety nets and improve the living
conditions of beneficiary households (Stoeffler, 2018). The authorities aim to reduce
poverty to less than 28% by 2020 and in turn, achieve the MDGs as a part of another
strategy named Growth and Jobs Strategy. Although, there were some other social
safety net programs implemented in Cameroon (such as school feeding programs,
nutrition programs, PAD-Y public works programs and food-for-work-programs)
Social Safety Net Survey found the lack of well-designed social safety net projects in
Cameroon, expensiveness of the existing programs and, not targeting the vulnerable
individuals accurately and provided that in order to extend the coverage of social safety

nets projects in Cameroon, there has to be well designed social safety net project.

The expectations from the Social Safety Net Project are increasing in the number of
poor and vulnerable households accessing to social safety nets, improving the
education, health and nutrition, establishing well-designed targeting system,
increasing in productive assets, establish well-designed management information
system and create increasing in the managing resources for households. The project is
also the first step of 5 years project by WB and IDA and afterwards it is planned to
expand three other regions in Cameroon. In the process of choosing beneficiary
household, the implementation used 6 different stages. The first one was choosing
regions and departments that was based on poverty rate. More specifically, it was
based on poverty rate map provided by the RGPH3 and ECAM3. Thus, 10 departments
in 5 regions and Doula and Yaoundé were chosen. The table providing the
characteristics of beneficiary regions and departments is in the Annex 1. The second
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stage was choosing beneficiary communities which was based on three criteria the
poverty rate, physical accessibility and the sharing of the community’s population
according to their village. In line with these criteria, Soulédé-Roua was chosen since
9 out of 10 households were categorized as poorest. The third stage was choosing
beneficiary villages that was done according to the list of criteria defined by
Community Working Group and consisted institutional, socio-economic and cultural
context of districts. Based on these criteria 15 villages from Soulédé-Roua and 7

villages from Ndop were chosen.

The next and the fourth stage was choosing potentially beneficiary households which
was done according to list created by CWG consist of poverty criteria. The criteria
included basic infrastructure, health, education, housing conditions, economic activity,
population density, access to land and lastly geographical access. After this stage
potential beneficiary households were selected from Soulédé-Roua (extreme north of
the country) and Ndop. The next stage included statistical technique called Proxy
Means Test (PMT), which formed a score predicting the conditions of households to
be chosen. The survey aiming to collect necessary information about the households
made in Soulédé-Roua between November and December 2012 and in Ndop between
August and September 2012. As a result, 2000 households were randomly selected
with the combination of PSM and CBT in Social Safety Net Project. After all stages
done, from 15 poorest villages of Soulédé-Roua, 1500 households (corresponds to
35% of the population) were chosen by the combination of PMT and CBT to be
beneficiary of the project.

In the project scope, beneficiary households were paid 360,000 CFCA Franc in the
period of 24 months. They got 12 payments between the dates of November 2013 and
January 2016. The payment was 20,000 CFCA in two months and 80,000 CFCA in
12th and 24th months. In average, every beneficiary households received 15,000
CFCA corresponding to 20% of the household expenditure for living in a month
(Stoeffler&Nguetse-Tegoum, 2012). The payment design that included small and big
payments made consciously in order to balance households’ expenditure (Stoeffler,
2018). As study suggests that when it is a female of households who get the amount
of payment, it is distributed more equally among household members (Quisumbing,

2000) the payment was made to female during the project.
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3.2 Data

The data form the basis of this analysis provided from Baseline Survey and Endline
Survey done by National Institute of Statistics. The first payment was made in
November 2013 and the last one was July 2016. The baseline survey providing data
about the households were firstly done in January 2013 to provide households in four
categories. The first category was beneficiary households from the poorest 15 villages
of Soulédé-Roua. The second category is non beneficiary households from Soulédé-
Roua who were not selected by PMT despite of being selected by the community. The
third category is non-beneficiary households who were not selected by the community
and the fourth category is control households chosen among the poorest households in
Hina. The endline survey was done 6 months after the last payment as planned in the
protocol. The endline survey was done in August 2016 with the beneficiary households
from Soulédé-Roua, non-beneficiary households from Soulédé-Roua and non-
beneficiary (control) households from Hina. The second and the third category of

baseline survey was gathered within a category in endline survey.

In the case of impact evaluation, as non-beneficiary households from the same region
with beneficiary households also benefit from the treatment, comparing beneficiary
with non-beneficiary households from the same region will underestimate the impact
of the treatment. Instead, choosing another comparison region, which is geographically
far away, and showing similarity with the region where treatment is implemented
enable to avoid selection bias. In line with this purpose, Hina was selected as the
control group. Hina is located in the same region, Mayo-Tsanaga, with Soulédé-Roua
and actually they share the same characteristics on the subject of poverty, culture and
behaviour and they are also far away from each other. Lastly, choosing Hina enables
to avoid contamination, as they do not share the same market.

Baseline survey was used not only for impact evaluation design but also for PMT while
endline survey was just used for impact evaluation. In the baseline survey, 2350
households were surveyed but as can be seen in Table 3.2.1 below, the data was
executable for 2315 of them. Within the scope of this impact evaluation, 2315
households were surveyed in the baseline. 610 of these households were beneficiary
households from Soulédé-Roua that got cash transfer, 580 of these households were
selected for cash transfer but did not get any help. Additionally, 563 households from
Soulédé-Roua were not targeted and did not get any cash transfer during the
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programme. So for Hina, 562 households were non beneficiary meaning that these
households are from Hina and did not get any help during the programme

implementation

In follow-up survey, 1814 households were surveyed. 621 of them were beneficiary
households from Soulédé-Roua. 320 households were from Soulédé-Roua and they
did not get any cash during the program. Additionally, 307 households were from
Soulédé-Roua and they were not selected for cash transfer programme and they did
not get any cash. So, for Hina, 566 households were from Hina and they did not get
any help within the scope of cash transfer programme.

Table 3.2.1. Distribution of Household Status According to Baseline and Follow-up
Surveys

Group 1: Group 2: Group 3: Group 4: Non- | Total
Beneficiary Targeted but Household not | beneficiary
Household in | not targeted and households in
Soulédé Roua | beneficiary not Hina
households in | beneficiary
Soulédé Roua | households in
Soulédé Roua
Baseline 610 580 563 562 2315
Survey
Endline 621 320 307 566 1814
Survey

Source: 2013 baseline and 2016 endline surveys

The final sample used for impact evaluation is shown in Table 3.2.2 below. 1744
households were followed from both Soulédé Roua and Hina. 605 of these households
are beneficiary households from Soulédé Roua and 619 households are non-
beneficiary households from Soulédé Roua. Additionally, 520 households are non-

beneficiary households from Hina.

Table 3.2.2: Distribution of Households at Impact Evaluation Sample

Beneficiary Non-Beneficiary | Non-Beneficiary Total

Households in | Households in Households in

Soulédé Roua | Soulédé Roua Hina
Baseline Survey 610 1143 562 2315
Endline Survey 621 627 566 1814
Followed Households | 605 619 520 1744

Source: 2013 baseline and 2016 endline surveys
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4. METHODOLOGY

4.1 Impact evaluation

In order to measure the effect of Pilot Social Safety Nets of Cameron, the impact
evaluation methods will be used. By definition, it is a method of program evaluation
(Rogers et al., 2015) and trying to answer the impact of program on an interested
outcome (Gertler et al., 2016). It is widely used for deciding whether scale up the
program intervention or not, informing policy makers, observing efficiency of
program, choosing the most effective type of program and even changing the targeted
group of programs. These programs are generally designed to achieve certain goals
hence the impact evaluation has an important role in understanding how effective the

program work in the way of achieving its intended goals (Khandker et al., 2009).

According to Morra Imas and Rist (2009), three questions can be addressed by
evaluation. The first one is descriptive questions, which is concerned with what is
taking place. It is generally about processes, conditions and organizational
relationships. In this method internal validity, showing the quality of data and its
collection, and external validity, showing in what extent results can be confidently
generalized are important (Rogers et al., 2015). The second one is normative question
which is related with efficiency of targeting and whether it is resulted well or not. The
last one is cause and effect questions that generally focuses on attribution. It is about

the difference occurred because of implementation.

Although the main difference occurs in the form of quantitative and qualitative
evaluations, there are many different forms of impact evaluation. Basically, qualitative
evaluation is an evaluation method expressing the effect of treatment by no numbers
but by words or images. On the other hand, quantitative evaluation is a numerical and
generally based on scales or metrics (Gertler et al., 2016). Apart from that, monitoring,
operational evaluation and impact evaluation are another different method used.
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Monitoring tracks the key indicator in the progress; operational evaluation is about the
effectiveness of program and lastly, impact evaluation deals with whether differences
on the interested outputs are due to program implementation or not (Khandker et al,
2009).

This paper focuses on quantitative impact evaluation by using difference in differences
method and its combination with propensity score matching with its quasi-
experimental design. The important feature of this method is its decreasing selection
bias problem and hence, any differences between treatment group and control group

can be said because of program implementation (Shadish et al., 2002).
4.2 Difference in Differences

In the case of impact evaluation, there are different ways to analyse the impact of
shock, policy change, project implementation or any other kind of changes on a
population. Among these different ways, DID method is most used one in the process
of impact evaluation. Especially when assignment rule is clear enough. The main idea
of DID method is that it compares a group that is enrolled in a program with a group
that is not enrolled in the program (Gertler et al., 2016). To do that, instead of
comparing the same individual or region both before and after the implementation or
measuring the difference between treated (beneficiary) and control (non-beneficiary)
groups after the implementation, DID methods provides results that are more reliable
by comparing treatment and control group not only after the implementation but also
before the implementation. The average difference over time between before and after
the treatment for non-exposed (control) group is subtracted from the average
difference over time between before and after the treatment for exposed (treatment)
group (Imbens&Wooldridge, 2009).

While using DID we cannot just simply subtract the measured outcome in the
treatment area before the program from the measured outcome in the treatment area
after the program because some of this change might occur because of time-invariant
factors that we do not take into account. It weakens the comparison assuming that
treatment group does not change from baseline to endline (Greene, 2012). This
comparison also fails to capture casual impact. In order to cancel out this weakness, it
is needed to find comparison group. Naturally, this time invariant differences will

affect the size of the difference between two groups. Additionally, we cannot just
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compare the region where the program is implemented and the region where the
program is not implemented after the treatment. There might be another unobserved
reason causing such differences that in turn causes selection bias in impact evaluation.
(Gertler et al., 2016).

In order to avoid these problems, DID methods combine two differences. By
combining the comparison of before and after difference in output for treatment group
and before and after difference in output for control group, double differencing method
enables to remove biases occurring from the permanent differences between those
groups in the endline period. On the other hand, it removes biases occurring from the
comparison between baseline and endline period in treatment group that could be
because of time trend (Imbens&Wooldridge, 2009).

In Table 4.2.1, every possible outcomes are represented by a letter. Here, A shows the
measured outcome for treatment group (those who exposed to the program) before the
program, B shows the measured outcome for the same group but after the program.
Similarly, C shows the measured outcome for Control Group (those who is not exposed
to the program) before the program and D shows the measured outcome for the same

group but after the program.

Table 4.2.1: Summary of Difference-in-Differences Approach

Before Program After Program Difference

Treatment Group A B (B-A)

Control Group C D (D-C)
Difference =(B-A) - (D-C)

Using the equation of DID method, the program effect after the implementation equals
the equation of (B—-A)-(D-C).

As shown in the table, it is possible to get more reliable program effect estimator by
combining both difference. The first difference (B-A) shows the difference between
the measure of outcome after the program and before the program for a group enrolled
the program. It enables equation to control for constant factors over time. The second
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difference enables us to cancel time-varying factors since we are comparing the
measure of outcome for a group not enrolled the program. By combining this both
equation, it will be possible to have more reliable estimator in impact evaluation. In

summary, impact of intervention measured by using DID method is as follows:
DD=E (Y1"= Yo' | T=1) - E (Y1 Yo T =0)*

The result is the same in this equation. Here, Y1" and Yo' represent the outcome for
treatment group after and before the treatment respectively. Y1€and Y° represent the
outcome for control group after and before the treatment respectively. T =1 represents
the time after implementation and T=0 represents the before implementation. Taking

the difference above will provide difference in differences estimator.
To show DID model in a regression framework, we can write it as follows:
Yit= fo + piTreatment; + BoPost; + S3(Treatmenti*Post:) + it

In a simplest way, the equation showed above is the basic equation used in difference-
in-differences model. In the equation, i refers to the household and t refers to the time.
Po represents the average outcome for control group before the program. Treatment is
the dummy variable that takes a value 1 if a group is exposed to the program and 0
otherwise while f1 represents the difference between treatment group and control
group. Post is another dummy variable that takes a value of 0 if the time is before
program and 1 if the time is after the program while S represents the time trend for a
group not enrolled the program. The interaction of Post and Treatment is another
dummy variable and the coefficient of the interaction term ps is the program effect
estimator. It shows the difference in average between the beneficiary groups and non-

beneficiary groups.

As shown in Table 4.2.2, when we combine both differences for treatment group and
control group and afterwards use another difference, we are just left with B3 which is

program effect estimator according to difference in differences model.

! Notations taken from Khandker, S., B. Koolwal, G., & Samad, H. (2009). Handbook on impact
evaluation: guantitative methods and practices. The World Bank.
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Table 4.2.2: Summary of Difference in Differences in a Regression Framework

Before Program After Program Difference
Treatment Group Bo+P1 Bo+ B1+P2+PB3 (B2+Bs3)
Control Group Bo Bo+PB2 (B2)
Difference B3

Although the general logic behind difference in differences model is as mentioned
above, we are still left with some nonignorable factors to take into account. There are
some characteristic features for both treatment and control groups both before the
program and after the program. In this case, observed characteristics between
treatment and control group in both time periods are included. These differences, with
no doubt, have an effect on measured outcome in difference in differences outcome.
In order to remove their effect and get more precise estimator for program effect we
had better add them into the regression. By doing that, we will be able to lower
confound bias and residual variance since these variables have an effect on dependent
variable and we want to remove this effect (Gertler et al., 2016). As mentioned before,
we cannot simply calculate the difference of value of outcome interest before and after
the program for treatment group. To control other differences effecting the size of
impact of the program on outcome interest, we need to add them into the regression
and remove their effect on the dependent variable. So for that, we can add them into
the regression as they captures the difference between treatment group and control
group at baseline which in turn enables to get lower confound bias and residual
variance since these variables have an effect on dependent variable and we want to
remove this effect (Gertler et al., 2016).

Lastly, the regression model for difference in differences analysis will be as follows:
Yit= fo + p1Pi+ p2.t + 6Pi.t + f3. Xit + €it

Yit - the outcome Yi: for an individual i at time t in group g ( treatment or control)
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Pi : a binary variable denoting exposure to the program and taking a value P=1 for

beneficiaries, and P=0 for nonbeneficiaries.

t: constitutes a binary variable taking the value 0 for pre-program measures, and 1 for

post-program measures.
Po, B1, f2 and & are the regression coefficients to be estimated

Xit : control varibles (other characteristics for both treatment and control groups in both

time periods.)
git . error term

Lastly, there are also some assumptions must hold in using difference in differences
estimation method. These assumptions suggest that error term needs to be uncorrelated

with the other variables in the regression.

e Cov(eit,Pi)=0
e Cov(eit,t)=0
e Cov (&it, Pi. ) =0

The last assumption is also known as parallel trend assumption. In short, it holds that
unobserved characteristics between treatment and control group which in turn effect
the participation of the program does not change over time according to the treatment
status (Khandker, 2009).

4.3 Difference in Differences combined with Propensity Score Matching

Propensity Score Matching (PSM) calculates a score based on observed characteristics
before the program implementation that shows the possibility of enrolling the program
for treatment group and control group and afterwards match them according to this
score. Rosenbaum and Robin (1983) firstly used propensity score matching in order to
balance intervention and comparison groups by using observed baseline
characteristics. To balance the groups, matching, weighting and sub classification are
the ways used in the process (Stuart, 2010). The aim of using it is to make comparison
groups as similar as possible (Stuart et al., 2014). With matching, according to
observed characteristics, control group is developed that is similar to treatment group.
In propensity score matching, it is not necessary to match every observation from

treatment group with an observation from control group. Instead, propensity score is
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calculated for every observation for both groups that shows the probability of enrolling
the program (Gertler et al., 2016). Observations are matched with similar observations
based on observational characteristics and then the mean differences between
treatment group and control group gives the average treatment effect (Khandker,
2009). In the process of calculation, observed characteristics before the intervention is
used since the values after the intervention may be affected from the intervention.

Two conditions must hold to verify the validity of PSM. The first one is conditional
independence suggesting that participation is not affected from the unobserved
characteristics; the second one is sizable common support across the participant and
non-participant samples (Khandker, 2009).

P(X) =Pr(T=1|X) = a + X+ &

In the equation above, T is a dummy variable representing whether an observation is
beneficiary or not. Given the observable characteristics X, the probability of enrolled
the program gives the propensity score. The variables forming X should come from
data collected before the implementation. As seen, the propensity score model is a
probit/logit model with T as the dependent variable and X as independent variable. In
another words, the propensity score is the conditional probability of being beneficiary

of the intervention given before treatment characteristics X.

One of the reasons using DID is its flexibility as it can be combined with propensity
score matching such as Kernel Propensity Score Matching (Villa, 2012). In order to
avoid potential of selection bias problem DID combined with PSM enables analysis to
avoid this problem (Khendkar, 2010). One way to use DID is combining it with PSM
gained from the baseline data to make comparison groups similar and afterwards run
double difference to matched groups. PSM by its own are not able to consider
unobserved characteristics, which in turn effect being enrolled the program. Therefore,
matching is used to reduce heterogeneity between the groups before the intervention.
It is not always valid that matching provides more similar comparison groups
comparatively randomized selection (Center for Effective Global Action, 2016).
However, when the scores generated by PSM for both groups are in the same range,
PSM performs better in matching the groups not directly according to their observed
baseline characteristics but according to the probability of their being enrolled in the

program. In this, the condition named as “common support condition” is hold. As a
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result, the combination of PSM and DID is one of the most used method in the impact
evaluation as it provides comparison and treatment groups as similar as each other and

afterwards treatment is randomized within those matched groups.
4.4. Balance Test

Comparatively to randomized assignment rule, regression discontinuity design or 1V
(instrumental variable), DID needs stronger assumptions to be valid (Gertler et al.,
2016). The most important assumption while using DID is that it is assumed that
control group and treatment group are similar enough at baseline. In another words, it
means that the difference between treatment group and control group is the same if
there were no intervention. In order to estimate more precise impact evaluation, we
should firstly verify that treatment group and control group have similar trend in basic
characteristics before the program implemented. As mentioned, DID method compares
the trend between beneficiary and non-beneficiary households rather than the
comparing the same household before and after the implementation (Gertler et al.,
2016). The test is needed to see whether treatment group and control group have the
same trend before the program or not. These two groups are not necessarily needed to
be the exactly the same but they are expected to show at least close trend in the absence
of program.

The most crucial part of comparing two groups is that they are highly required to
provide that they both would show the same reaction if any of them was exposed to
the program. In other words, the condition of independence of potential outcome must
hold. It means that there should be no difference at their baseline characteristics.
Otherwise, selection bias will occur if they are not the same at basic characteristics
that are correlated with the dependent variable used to estimate the impact of the

program.

To do that, we can use the equation written below. As it can be seen, time is zero

because we focus on the similarity at baseline.

Yi t=0 = fo + f1 ( Treatmenti)+ &
In the regression model shown above, Bo represents the value for control group before
the project and and f1 is the mean value for treatment group. If this assumption of
similarity does not hold, the estimated impact of the program will be biased. By using

OLS, we test the equality of coefficient that refers to the baseline differences between
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treatment group and control group. Yirepresent the baseline characteristics that we are
looking for them to have at least similar trend and by regressing them on binary
variables shown in the equation we will be able to verify the similarity of beneficiary

group and non-beneficiary group at baseline.
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5. EMPIRICAL RESULTS

The results are divided into two parts as education and labor. In the empirical results
both the comparison of beneficiary households in Soulédé Roua and Hina and all
households from Soulédé Roua and Hina are presented for DID method and the
combination of PSM and DID are presented for the comparison of beneficiary
households in Soulédé Roua and Hina. Additionally, the application of difference in
differences method without controlling any variable and difference in differences
method with control variables are presented for every comparison. Before proceeding
to disclose the results, the explanation of results gained from testing the similarity of

two groups are explained.
5.1 Balance Table

To interpret the results of this analysis, Table 2 and Table 3 in Annex 1 provide
descriptive statistics for beneficiary households in Soulédé Roua and nonbeneficiary
households in Hina comparison and all households in Soulédé Roua and households
in Hina comparison respectively. The first column shows the average value for all
households. The second column shows the same information for households living in
Hina and the third column shows the average values for beneficiary households in
Soulédé Roua and all households in Soulédé Roua respectively. In Table 2 in Annex
1, the third column shows all households living in Soulédé Roua. In both tables, the
last column shows the difference between control group and treatment group and the

standard errors are given in the parenthesis.

It can be seen from the tables that both groups, those beneficiary households from
Soulédé Roua and non-beneficiary households from Hina, are relatively but not
completely similar. In the case of education, both groups show similarity both for
children and their parents especially in dropping out of the school, primary level of
education, secondary first cycle of education, secondary second cycle of education and

the number of children do not go to school. Additionally, the characteristics of head of
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households show similarity between the two groups in the case of age, sex, married
polygamy and being separated. Moreover, the number of persons between 0 and 4 and
the number of persons aged over 60 are another similarity between two groups. In the
case of household heads with no religion, both groups show similarity. Lastly,
beneficiary households from Soulédé Roua and non-beneficiary households Hina

show similar characteristics in the case of unemployment.

However, there are also some differences worth to mention between those groups.
Household size is smaller in Hina comparing to beneficiary households in Soulédé
Roua while there are more persons between 5 and 14 and more persons between 15
and 59 in Soulédé Roua. The number of Muslim household heads is greater than
Soulédé Roua while there are more Christian household heads in Soulédé Roua. In the
case of marital status of household heads, there are more single and widow household
heads in Hina and more monogamy married household heads in Soulédé Roua. In
terms of education, beneficiary households living in Soulédé Roua spend much more
than non-beneficiary households living in Hina. Concordantly, the number of children
going to school and years spent for education are larger in Soulédé Roua comparatively
to Hina. There are some differences in employment between two regions. The number
of adults and children who have permanent job are larger in Soulédé Roua and there
are more working children in Soulédé Roua as well. Children and adults living in

Soulédé Roua work more than children and adults living in Hina per week.
5.2 Education

In order to analyse the effect of Unconditional Cash Transfer Pilot Program on
education of households living on the far north of Cameroon, four different indicators
are used. The first one is the number of children going to schooling last two years.
Since baseline data from 2013 and endline data from 2016 used in the process of
evaluating, this dependent variable is generated from the surveys asked to every
individual whether they participate school this year and whether they participated
school last year. Children who was going to school a year before survey done and the
year of surveying considered as going to schooling last two years. The second
dependent variable is the number of children dropping out of the school. In the way of
generating this variable, time interval was taken as one school year which means
whether a child drop out of school in a year or not. The third indicator for evaluating

the education is the number of children going to school. The variable is based on
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whether a child goes to school in the year of surveying or not. The last indicator for

evaluating education is the household expenditures for education.

In Table 5.1 below, the results of the regression without any control variables provided.
According to results, there is statistically significant increase in the number of children
going to school last 2-years and the number of children going to school. Additionally,
although not statistically significant, there is also increase in the number of children
dropping the school and increase in houscholds’ expenditures for education. These
regressions as noted below Table 5.1.1 do not contain any control variable. Standard
errors are shown in the parenthesis and clustered at village level. Hence, R? for these
regressions are quite small which corresponding to the explained variance in

dependent variables.

Table 5.1.1: Comparison of beneficiary and non-beneficiary households for education

Variables The number of The number  The number of Households
children of children children going expenditure
participating the dropped the to school for education
school last 2-years school
estimator 0.550*** 0.006 0.667*** 0.319
(0.108) (0.051) (0.096) (1.015)
treatment 0.145 -0.033 0.184 5.096*
(0.291) (0.044) (0.305) (2.738)
time -0.726*** -0.019 -0.783*** 0.555
(0.085) (0.043) (0.055) (0.831)
Constant 1.695*** 0.144*** 1.912%** 6.177**
(0.277) (0.039) (0.290) (2.259)
R? 0.05 0.0015 0.05 0.03
N 2047 2047 2047 2250

* p<0.1; ** p<0.05; *** p<0.01
Note: The regressions do not contain any control variable.
Note-2: The standard errors are clustered at village level and shown in the parenthesis

The importance of adding control variables that correspond to the observed differences
for treatment and control groups occur here. By adding them into the regression used
above, their effect on dependent variable will be removed and reducing in confounding
bias and residual variance will be provided. These control variables are thought to have
an effect on dependent variables in measuring the effect of project for beneficiary
households. In order to remove their effect and get more precise estimator for program

effect we had better add them into the regression

In Table 5.1.2, the results showing the effect of intervention on educational indicators

gained by using DID including control variables presented. In the regressions used for
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measuring educational indicators, household size, age of household head, the number
of children in the household and dummy variables for female household head,
educated household head, unemployed household head and single household head are
used as control variables. Household size corresponds to the number of individuals in
households, the number of children shows how many children between age of 5 and
14 are in household and age of household head shows household head’s age while
dummy variable for single household covers single, separated or widow household
heads together and dummy variable for educated household head is equal 1 if
household head has ever attended a school and O if otherwise. Last, the variable named
as female household head is equal to 1 if household head is female and O if it is male.

To interpret the results presented in Table 5.1.2, for the first regression, it is seen that
there is an increase in the number of children going to school last 2-years and the
coefficient for this increase is 0.203 and statistically significant. By adding control
variables into the regression, R? is 0.58 which means that the variables taken into the
regression can explain 58% of variation in the dependent variable. Among control
variables, household size, age of household head, female household head, number of
children in the household and educated household head are statistically significant.
The sign of these variables shows that in which direction dependent variables are
affected from these variables. Lastly, it can be deduced from this regression that the
children living in beneficiary households show more stable education life considering

2 years after intervention.

The third regression in Table 5.1.2 shows the parallel results with the first regression
in the same table. It is seen that the number of children going to school increased by
0.264 for those beneficiary households and this result is statistically significant as well.
By adding control variables into the regression, R? is 0.63 which means that the
variables taken into the regression can explain 63% of variation in the dependent
variable. Among control variables household size, age of household head, female
household head, number of children in the household and educated head of household
are statistically significant. Lastly, it is seen that, concordantly to first results, the
number of children going to school increased for beneficiary households after

intervention.
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Although the results are not statistically significant, the second and the fourth
regression show the number of children dropped the school and the expenditure of
households for education. For the number of children dropped the school, it seen that
there is a decrease in the number of children dropped the school by 0.02 for beneficiary
households after intervention. Although the estimator is not statistically significant, it
Is seen that there is a decrease in dropping the school. Among control variables, only
household size and the number of children in the household are statistically significant.
RZfor this regression is 0.04 that is relatively small and means the variables added into
the regression can explain only 4% of variation in the dependent variable. Lastly, the
forth column in Table 5.1.2 shows the total expenditure of households for education.
Although the estimator is not statistically significant, total expenditure of households
increased by 0.836 for beneficiary households after intervention. Among control
variables household size, age of household head, educated household head and single
household head are statistically significant. R? for this regression is 0.27 and it means
that the variables taken into the regression can explain 27% of variation in the
dependent variable. Lastly, the inference from this regression is that by elevating the
liquidity constraints for households living in Soulédé Roua, although there is no
condition for that, total expenditure of households for education increased after

intervention.

Another important point to mention about is the number of observation. For the first
three regressions, the number of observations presented in the last row is 2047 and the
number of observations is 2250 for households’ expenditure since the expenditure is
calculated in the context of education without considering children defined in the

context of this study.

Table 5.1.2: Comparison of beneficiary and non-beneficiary households for education with control variables

Variables The number The number The number Households
of children of children of children expenditure
participating dropped the going to for education
the school school school
last 2-years
Estimator 0.203** -0.020 0.264*** 0.836
(0.092) (0.053) (0.077) (0.942)
Treatment 0.201 -0.023 0.251** 4.096**
(0.124) (0.038) (0.112) (1.875)
Time -0.363*** 0.007 -0.350*** -0.575
(0.078) (0.047) (0.059) (0.704)
Household Size -0.019* 0.005* -0.017* 2.096***
(0.009) (0.004) (0.008) (0.402)
Age of Household Head 0.004*** 0.001 0.003** 0.151***
(0.001) (0.000) (0.001) (0.043)
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Table 5.1.2 (continued): Comparison of beneficiary and non-beneficiary households for education with
control variables

Variables The number The number The Households
of children of children number of  expenditure
participating dropped the children for education
the school school going to
last 2-years school
Female Household Head 0.203** -0.019 0.183* 1.452
(1=Yes, 0= No)
(0.107) (0.022) (0.097) (1.521)
Number of children in the 0.532%** 0.028*** 0.622*** -0.307
household
(0.027) (0.008) (0.029) (0.526)
Educated Head of Household 0.365*** 0.005 0.375*** 5.241%**
(1=Yes, 0= No)
(0.079) (0.024) (0.069) (1.565)
Household Head is 0.801 -0.048 0.438 7.229
Unemployed (1=Yes, 0= No)
(0.717) (0.701) (0.424) (5.481)
Single Household Head -0.032 0.038 -0.037 3.488*
(1=Yes, 0= No)
(0.106) (0.031) (0.09) (1.753)
Constant -0.191*** -0.037 -0.199* -16.428***
(0.133) (0.053) (0.106) (4.048)
R? 0.58 0.04 0.63 0.27
N 2047 2047 2047 2250

* p<0.1; ** p<0.05; *** p<0.01
Note: The standard errors are clustered at village level and shown in the parenthesis

Table 5.1.3 shows the results of using matching method for the same four indicators.
In this table, the results are gained as follows: Firstly, a probit model is estimated by
running a regression based on before treatment characteristics of households. From
this first stage, the propensity score is obtained by computing the predicted values.
With the help of calculating propensity score, the next step is to find a comparable
match for every treated households from those controlled households with a similar
propensity score. Hence, a household with characteristics such that its likelihood of
beneficiate from the project are the same as the treated household for which a match
is sought. In practice, matching generally occurs when propensity scores for treatment
group overlap with propensity scores for control group that is called as common
support. Once matching is performed, differences in the values of indicators within
pairs are computed and the averages of these differences are gained in order to estimate
the effect of treatment. As mentioned, in table below, differences are shown in bold.
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Table 5.1.3: Results for Propensity Score Matching for education

Variable Sample Treated Controls Difference S.E. t-stats
schooling for 2- Unmatched | 1.75880282 1.37288136 0.385921461  0.096973099 3.98
years ATT 1.75880282 1.27992958 0.478873239  0.151798032 3.15
dropping school Unmatched | 0.103873239  .18079096 -0.076917721  0.029219684 -2.63
ATT 0.103873239  .193661972 -0.089788732  0.051108037 -1.76
going to school Unmatched | 2.09540636 1.61016949 .485236869 1124711259 4.31
ATT 2.09540636 1.41696113 .67844523 .184105054 3.69
total Unmatched | 12.8908451 9.54985876 3.34098633 1.24276906 2.69
expenditure  ATT 12.8908451 10.3953345 2.49551056 2.02261679 1.23

In Table 5.1.4, the results gained by using PSM combined with DID presented. In this
context, the indicators are compared at follow-up between treated households and a

set of matched control households from both treatment and control households.

After using nearest neighbour propensity score matching, DID method applied to get
the results above. According to these results, increase in the number of children going
to school last 2-years, the number of children going to school and households
expenditure for education increased while the number of children dropped the school
decreased after their families received cash transfer. All estimators are statistically

significant when using PSM combined with DID.

Table 5.1.4: Results for Propensity Score Matching combined with DID for education

PSM combined with DID
The number of The number of The number of Households
children going to | children dropped | children going to expenditure for
school last 2-years the school the school education
Estimator 0.181** -0.105*** 0.267*** 1.835**
(PSM+DID) (0.080) (0.036) (0.077) (0.897)

o -0.262*** 0.098*** -0.270*** -0.889
Coefficient (0.056) (0.025) (0.054) (0.634)
R-square 0.36 0.06 0.53 0.28
N 1136 1136 1136 1136

*** n<0.01 ** p<0.05 * p<0.1 (Standard errors are in parenthesis)

Apart from comparing beneficiary and non-beneficiary households, comparison of
households living in Soulédé Roua and Hina are additionally presented in the Annex.
In comparison of all households in Soulédé Roua instead of comparing just beneficiary
households, there are relatively but not completely similar results. Although, there is

an increase in the number of children participating the school last 2-years, this increase
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is not statistically significant when comparing all households from Soulédé Roua and
Hina. Additionally, in spite of increase in the number of children going to school and
the expenditures of households for education, there is an increase in the number of
children dropping the school. Further details are presented in the Annex about this

comparison.
5.3 Labor

As it still stands as a fact for children living the far north of Cameroon, child labor is
another dimension analysed in this paper. To observe whether Unconditional Cash
Transfer Pilot Project impact children living in beneficiary households in Soulédé
Roua, two indicators have been used. The first one is the number of children, at age of
5 and 18, engaged in any economic activity last 12-months. This activity consists of
paid or unpaid work or self-employed. The second indicator is named as the number
of working children who are at age of 5 and 18. The difference between these 2
indicators are that the second one consists of households’ chores, helping a family

business and working as student additionally.

Table 5.2.1: Comparison of beneficiary and non-beneficiary households for child labor

Variables The number of children engaged in any The number of working
economic activity last 12-months children

Estimator 0.088 0.121
(0.162) (0.191)

Treatment 0.191 0.692**
(0.201) (0.307)

Time -0.0717 -0.057
(0.131) (0.143)

Constant 1.322%** 1.768***
(0.183) (0.291)

R? 0.06 0.03

N 2166 2216

*p<0.1;**p<0.05;***p<0.01

Note: The regressions do not contain any control variable.

Note-2: The standard errors are clustered at village level and shown in the parenthesis

In Table 5.2.1, comparison of beneficiary households and non-beneficiary households
are presented without using any control variables. Although positive increases are seen
after the implementation of the project, the results suggested in Table 5.3 are not
statistically significant. The value of R? for the first regression is just 0.06 while it is
0.03 for the second regression, which means the variation in dependent variable, is just

explained by 1 percent for the first regression and 3 percent for the second one.
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Again, it is better to add control variables in the regression to isolate the effect of the
project from other differences between comparison groups. The control variables used
in the regressions are household size, age of household head, the number of individuals
between age of 15 and 59 in the households, number of persons between age of 5 and
14, maximum years spent for education in households, years spent for education and
dummy variables for single household head, female household head and whether
household head is ever attended school. Differently from those used in measuring
education, years spent for education are generated by calculating the maximum

education level reached by any member of households and then transformed to years.

Table 5.2.2. Comparison of beneficiary and non-beneficiary households for child labor

Variables The number of children engaged The number of
in any economic activity last 12- working children
months
Estimator 0.115 0.113
(0.165) (0.173)
Treatment -0.226 0.152
(0.139) (0.159)
Time -0.164 -0.209**
(0.132) (0.119)
Household size 0.045*** 0.103***
(0.014) (0.024)
Age of household head 0.007*** 0.026***
(0.001) (0.002)
Number of persons between 15-59 0.080** 0.713***
(0.029) (0.043)
Single household head (Yes=1, No=0) 0.011 0.223**
(0.061) (0.083)
Female household head (Yes=1, No=0) 0.098 0.569***
(0.064) (0.098)
Number of persons between 5-14 0.560*** 0.491***
(0.028) (0.033)
Educated household head (Yes=1, No=0) -0.115** -0.045
(0.040) (0.070)
Years spent for education at -0.038*** 0.075***
household level
(0.012) (0.011)
Constant -0.144 -2.032%**
(0.097) (0.154)
R? 0.53 0.69
N 2166 2216

*p<0.1;**p<0.05;***p<0.01
Note: The standard errors are clustered at village level and shown in the parenthesis.

When adding control variables in the regressions above, although substantially
increase in R?is seen, there is an increase both in the number of children engaged any

economic activity last 12-months and the number of working children as can be seen
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in Table 5.2.2. The results provided here are statistically insignificant.

Although it is not statistically significant, the first regression suggest that the number
of children engaged in any economic activity last 12-months increased by 0.115 for
those beneficiary households after intervention. By adding control variables into the
regression, R? is 0.53 which means that the variables taken into the regression can
explain 53% of variation in the dependent variable. Among control variables
household size, age of household head, the number of persons between age of 15 and
59, the number of persons between age of 5 and 14, educated household head and years

spent for education are statistically significant.

The second regression suggest that the number of working children increased for those
beneficiary households after intervention although not statistically significant. By
adding control variables into the regression, R?is 0.69, which means that the variables
taken into the regression can explain 69% of variation in the dependent variable.
Among control variables household size, age of household head, the number of persons
between age of 15 and 59, the number of persons between age of 5 and 14 and years

spent for education are statistically significant.

In the Annex, comparison of all households from Soulédé-Roua and Hina provided as
well both for the regression without any control variables and with control variables.
The findings of this comparison show parallelism with the results of comparing only
beneficiary households from Soulédé-Roua and Hina. The positive increase on both
regressions show increase in this comparison as well although for the first regression

increase in smaller. Further details provided in Annex for this comparison.

Additionally, Table 5.2.3 shows the results of using matching method for the same
four indicators. As shown below, the number of children engaged in any economic
activity last 12-months decreases by 0.183 for beneficiary households and the number

of working children increases by 0.093 for beneficiary households.
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Table 5.2.3: Results for Propensity Score Matching

Variable Sample Treated Controls Difference S.E. t-stats
Ch"gggrr‘]gr’:]?gged Unmatched |1.53078203 12505176  0.280264432 0.091018383  3.08
activity ATT 153078203 1.71381032 -0.18302 0.165851287 -1.10
. . Unmatched |2.52412646 1.71014493 0.813981528  0.133904872  6.08
working children
ATT 2.52412646  2.43094842  0.093178037  0.240038889  0.39

Table 5.2.4: Results for Propensity Score Matching combined with DID for labor

PSM combined with DID
The number of children engaged
in any economic activity last 12 | The number of working children
months

) 0.288** 0.221*
Estimator (PSM+DID) (0.113) (0.122)
. -0.272%** -0.158*
Coefficient (0.080) (0.86)

R-square 0.45 0.19

N 1200 1202

*p<0.1; **p<0.05; ***p<0.01

In Table 5.2.4, aforementioned process is implemented for propensity score matching

and afterwards DID method implemented to get the results. As seen, there is an

increase in the number of children engaged in any economic activity last 12 months

by 0.288 and this result is statistically significant. R? is 0.45 for this regression which

shows that 45% of variation in dependent variable is explained by the model. The

second regression presents that there is an increase in the number of working children

for those households who beneficiate from pilot project. The increase is by 0.221 and

the result is statistically significant. R?is 0.19 for this regression which shows that 19%

of variation in dependent variable is explained by the model.
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6. CONCLUSION AND POLICY RECOMMENDATIONS

This thesis analyses the impact of Unconditional Cash Transfer Pilot Project of
Cameroon on children in the case of education and labor. Since the implementation
area of the project struggle with chronic poverty, these two indicators play a key role
in the way of achieving its goals for Cameroon. In short, the question “How children
living in beneficiary households are affected from Unconditional Cash Transfer Pilot

Project in the context of education and labor?” is asked in this study.

The thesis provides that there is a positive increase in the number of children going to
school and decrease in the number of children dropping the school concordantly. By
providing their school life for last 2 school years, this thesis shows that there is also
increase in their stability going to school. Naturally, this increase in schooling brings
extra cost for families. Hence, the educational expenditure of beneficiary households
for their children increases as well. The results of the paper are verified by different
studies providing improvement in education and increase in the number of children
going to school (Bastagli et al., 2016; Baird et al., 2013 and Akresh et al., 2013).
Likewise, the result of this paper about the number of children dropped the school is
also consistent with the results provided by Kilburn et al.(2017), as they also provided
decreasing in the dropping. However, this study also provides that there is an increase
in the number of child labor among households received cash. This increase is seen in
both the number of children working in paid works and the number of children
engaging with family business or household chores. An explanation for these results
can be made by saying that it always takes more time to observe labor statistics
especially for the case of children. Since the implementation area of the project is the
poorest region of Cameroon, the priorities of households might change according to
reality of the region and in turn, they encourage their children to work which in turn
might increase child labor. Since the region struggle with chronic poverty, decrease in

child labor may take longer time to be observed in statistics.

The conclusions for simultaneous increase in child education and child labor provided

by US Department of Labor as its reports provides increasing the combination of work
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and school in Cameroon (DOL, 2011-2017). Moreover, the result of this paper is
consistent with the study by Hoop and Rosati (2014) as they found that increase in the
indicators for child education does not have to mean decrease in child labor. Rowlings
and Rosati (2005) also found increase in education while they could provide less
evidence for decreasing in child labor. Considering both results together, increase in
child education brings extra costs to households’ budget, which, in turn, corresponds
to increase in households’ expenditure for education. To defray this increase,
households are tend to send their children to work. Hence, there is an increase in the
number of working children. The results provides that children living in beneficiary
households combine work and school together. The striking result of this paper is that
child education and child labor are not substitutes but rather complementary. Since,
the implementation area is the poorest part of Cameroon, opportunity cost of education
is substantially high for households living there as it can be seen from the increase in
child labor as well. For this reason, it will cause decreasing in household budget when
they give up from sending their children to work. For instance, Rosati (2016) provided
that investing in productive assets instead of human capital might increase child labor

as the relative prices of children’s time use changes.

There are a few limitations of this thesis worth to mention. Firstly, the project was
designed to get short-term results. However, the indicators used for education and
labor are those that can be observed in long term. Known that there are about 2.5 years
between baseline and endline surveys, it might be needed longer term to be seen
because of its very nature. Secondly, far north part of Cameroon is the poorest part of
the country. Therefore, priorities of households are determined by life-sustaining
needs rather than investing in human capital. Hence, opportunity cost of education
plays a key role in deciding whether investing in education or having them in work.
Lastly, in the case of method used to evaluate the impact, since households are not
selected randomly, one might get better results by using the combination of Difference
in Differences with Propensity Score Matching with more effective baseline
characteristics to match the households according to their propensity score. Lastly, the
effect of pilot project is of relevance with transfer size as Davis et al. (2002) presented,
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so providing 20% of monthly expenditure of households is relatively small amount to

observe its effect on long-term indicators such as child education and child labor.

Finally, to give recommendations at the end of this paper, since the number of children
going to school was increased with Unconditional Cash Transfer Pilot Project, the
government should give more emphasize on child labor as increase in education comes
with the combination of child labor. In order to that, it can be suggested that instead of
providing cash to people, it might be more efficient to invest in structural reforms
which, in turn, will be helpful change houscholds’ expectations for future. When
expected rate of return on education is higher, child labor will lose its attractiveness
for households. In order to fight against the chronic poverty in the region, the
government should combine its policies with other contributively and protective
policies specified for children to decrease intergenerational poverty. Hence, this
combination of policies will in turn increase the expectations and return on education
while causing structural change in the region. The last suggestion is to the amount of
transfer. As mentioned before, providing 20% of their monthly expenditure to
households is not high enough to change their decision on children. As a result, in
order to increase well-being of poor households and especially children living in those
households, the government or international organizations should focus more on well-
designed and goal-specified projects which aims to solve the structural problems of

the country.
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APPENDIX A

Table A.1: List of beneficiary regions and departments

. Overall | Chronic Number Populatio N“mbeY
. Departmen | Populatio of - of chronic
Region Poverty | Poverty . nin the -
t n chronic . poor in
Rate (%) | Rate region .
poor the region
Djerem 81,556 39,6 28,1 22,917
Faroet Deo | 111,616 47,7 32,4 36,614
Adamaoua Mayo
Banyo 217,367 68,9 60,0 130,420 926,383 258,543
Mbere 153,111 48,8 37,2 56,957
Vina 362,733 49,8 30,9 112,084
Boumba et
Ngoko 106,514 32,7 16,1 17,149
East Haut Nyong | 194,889 41,7 29,1 56,713
Kadey 189,429 71,3 56,2 106,459 832,850 310,971
Lom et
Djerem 342,018 49,3 38,2 130,651
Diamare 695,304 62,6 50,0 347,652
Logone et
Chari 586,268 24,7 22,8 133,669
Mayo
Far North Danay 602,475 81,6 61,2 368,715
Mayo Kani | 282,913 75,8 60,2 170,314
Mayo Sava | 417,406 76,2 64,9 270,896 | 3,237,986 | 1,739,629
Mayo
Tsanaga 653,620 81,0 68,6 448,383
Benoue 949,453 55,3 45,7 433,900
North Faro 71,208 83,3 66,7 47,496 1,759,972 | 911,928
Mayo Louti | 342,796 71,7 53,3 182,710
Mayo Rey | 396,515 73,1 62,5 247,822
Boyo 136,157 75,9 47,5 64,675
Bui 441,727 61,7 26,5 117,058
Donga
Western Mantung 146,284 63,5 38,7 56,612
North Menchum 304,285 66,2 35,9 109,238
Mezam 449,826 25,2 10,2 45,882
Momo 166,314 55,4 29,3 48,730 | 1,814,017 | 476,757
Ngo
Ketunjia 169,424 31,5 20,4 34,562

Source: Social Safety Nets Manuel Implementation by the Cameroon Government
Note: The regions showed in bold are beneficiary departments
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Table A.2: Descriptive Statistics comparing beneficiary and non-beneficiary

households
Descriptive Statistics, baseline
1) ) ©)) 4) ®)
Variables All Control Treatment Difference N
Group group

Household size 6.75 6.151 7.2984 -1.1471%** 1172
(0.2311)

Number of persons between 0-4 1.37 1.3630 1.3721 -0.0091 1172
(0.0787)

Number of persons between 5-14  2.31 1.9217 2.6705 -0.7488** 1172
(0.1144)

Number of persons between 15- 2.73 2.5463 2.9082 -0.3619* 1172

59 (0.0996)

Number of persons >60 0.33 0.3203 0.3475 -0.0273 1172
(0.0344)

Muslim household head 0.21 0.4342 0.0016 0.4325*** 1172
(0.0202)

Female household head 0.21 0.2082 0.2049 0.0033 1172
(0.0237)

Christian household head 0.30 0.1584 0.4213 -0.2629*** 1172
(0.0256)

Animist household head 0.30 0.1940 0.3951 -0.2011*** 1172
(0.0261)

No religion household head 0.20 0.2135 0.1787 0.0348 1172
(0.0232)

Household head is married 0.48 0.3932 0.5672 -0.1740*** 1172

monogamy (0.0288)

Household head is married 0.33 0.3488 0.3131 0.0356 1172

polygamy (0.0275)

Household head is single 0.026 0.0480 0.0066 0.0415*** 1172
(0.0093)

Household head is widow 0.11 0.1530 0.0705 0.0825*** 1172
(0.0170)

Household head is separated 0.041 0.0498 0.0328 0.0170 1172
(0.0116)

Age of household head 47.0 46.4181 47.5049 -1.0868 1172
(0.9397)

The number of children dropped 0.10 0.0996 0.1066 -0.0069 1172

the school (0.0240)
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Table A.2 (continued): Descriptive Statistics comparing beneficiary and non-

beneficiary households

Descriptive Statistics, baseline

@ @ @) (4) ©)
Variables All Control Treatment Difference N
Group group

Maximum education level of 1.23 1.0996 1.3574 -0.2577*** 1172

household (0.0429)

Maximum education level of 0.59 0.5819 0.5885 -0.0067 1172

household=primary (0.0288)

Maximum education level of 0.23 0.2028 0.2590 -0.0562 1172

household=secondary 1st cycle (0.0247)

Maximum education level of 0.058 0.0302 0.0836 -0.0534 1172

household=secondary 2nd cycle (0.0136)

Years spent for education at 3.51 2.6797 4.2721 -1.5924*** 1172

household level (0.1926)

Total fee 8.73 5.9804 11.2721 -5.2917** 1172
(0.8890)

Total fee for education 60.1 16.3719 100.4656 -84.0937*** 1172
(23.6309)

Number of children going to 1.43 1.1157 1.7246 -0.6089*** 1172

school within the household (0.0869)

Number of children don't go to 0.062 0.0569 0.0672 -0.0103 1172

school (0.0163)

The number of persons who have  4.07 3.8025 4.3131 -0.5106*** 1172

permanent job (0.1453)

The number of children who 1.35 1.2482 1.4507 -0.2025** 1164

have permanent job (0.0902)

Economic activity in the last 12- 4.17 3.8995 4.4260 -0.5265*** 1165

months (0.1482)

Number of children engaged in 141 1.2908 1.5197 -0.2289** 1165

economic activity last year (0.0925)

Number of working children 2.09 1.6868 2.4525 -0.7656*** 1172
(0.1196)

Working days 3.05 2.6014 3.4639 -0.8625*** 1172
(0.1602)

Average working day per child 1.51 1.6940 1.3855 0.3085*** 940
(0.1023)

Household head is unemployed 0.034 0.020 0.011 0.008 1172

(Yes=1, No=0) (0.0042)

"p<0.1,™p<0.05 " p<0.01

Source: 2013 Baseline Survey
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Table A.3: Descriptive Statistics comparing households from Soulédé-Roua and Hina

Descriptive Statistics, baseline

1) 2 ©)) (2)-@Q) 4)
Variables All Control Treatment Difference N
Group group

Household size 6.07 6.1512 6.0405 0.1107 2315
(0.1713)

Number of persons 1.25 1.3630 1.2173 0.1456** 2315

between 0-4 (0.0606)

Number of persons 2.03 1.9217 2.0593 -0.1376 2315

between 5-14 (0.0882)

Number of persons 243 2.5463 2.3902 0.1561** 2315

between 15-59 (0.0752)

Number of persons >60 0.36 0.3203 0.3736 -0.0534* 2315
(0.0284)

Muslim household head 0.11 0.4342 0.0006 0.4336*** 2315
(0.0119)

Female household head 0.25 0.2082 0.2693 -0.0611*** 2315
(0.0211)

Christian household head 0.35 0.1584 0.4050 -0.2467*** 2315
(0.0225)

Animist household head 0.36 0.1940 0.4164 -0.2225%** 2315
(0.0228)

No religion household 0.19 0.2135 0.1763 0.0373** 2315

head (0.0188)

Household head is married 0.49 0.3932 0.5180 -0.1247%** 2315

monogamy (0.0241)

Household head is married 0.30 0.3488 0.2864 0.0624*** 2315

polygamy (0.0222)

Household head is single 0.022 0.0480 0.0143 0.0338*** 2315
(0.0072)

Household head is widow 0.12 0.1530 0.1101 0.0429*** 2315
(0.0158)

Household head is 0.060 0.0498 0.0633 -0.0135 2315

separated (0.0115)

Age of household head 47.1 46.4181 47.2641 -0.8460 2315
(0.8111)

The number of children 0.076 0.0996 0.0685 0.0312* 2315

dropped the school (0.0166)

Maximum education level 1.14 1.0996 1.1552 -0.0555 2315

of household (0.0366)

Maximum education level 0.58 0.5819 0.5744 0.0074 2315

of household=primary (0.0240)
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Table A.3 (continued): Descriptive Statistics comparing households from
Soulédé-Roua and Hina

Descriptive Statistics, baseline

@ @ ®) -3 4)
Variables All Control Treatment Difference N
Group group

Maximum education level 0.051 0.0302 0.0570 -0.0268** 2315

of household=secondary (0.0106)

2nd cycle

Years spent for education 3.03 2.6797 3.1432 -0.4635*** 2315

at household level (0.1593)

Total fee 7.00 5.9804 7.3292 -1.3487* 2315
(0.8031)

Total fee for education 51.5 16.3719 62.7764 -46.4045%** 2315
(17.4041)

Number of children going 121 1.1157 1.2464 -0.1308* 2315

to school within the (0.0669)

household

Number of children don't 0.054 0.0569 0.0531 0.0039 2315

go to school (0.0124)

The number of persons 3.60 3.8025 3.5311 0.2714** 2315

who have permanent job (0.1078)

The number of children 111 1.2482 1.0722 0.1760*** 2287

who have permanent job (0.0676)

Economic activity in the 3.70 3.8995 3.6303 0.2692** 2288

last 12-months (0.1097)

Number of children 1.16 1.2908 1.1144 0.1765** 2288

engaged in economic (0.0695)

activity last year

Number of working 1.75 1.6868 1.7741 -0.0873 2315

children (0.0913)

Working days 2.75 2.6014 2.7912 -0.1898 2315
(0.1348)

Average working day per 1.53 1.6940 1.4882 0.2058** 1804

child (0.0961)

Household head is 0.0030 0.020 0.0034 -0.0016 2315

unemployed (Yes=1, (0.0030)

No=0)

"p<0.1,™p<0.05 " p<0.01

Source: 2013 Baseline Survey
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APPENDIX-B

Table B-1: Comparison of Soulédé-Roua and Hina for education

Variables The number The number The number of Households
of children of children children going to expenditure for
participating dropped the school education
the school last school
2-years
Estimator 0.410*** 0.031 0.488*** 0.300
(0.098) (0.033) (0.076) (0.909)
Treatment -0.099 -0.059 -0.081 1.897
(0.285) (0.043) (0.299) (2.492)
Time -0.728*** -0.029 -0.078 0.555
(0.085) (0.045) (0.056) (0.831)
Constant 1.695*** 0.145%** 1.914*** 6.177**
(0.278) (0.040) (0.291) (2.258)
R? 0.03 0.004 0.03 0.005
N 3132 3132 3132 3488

* p<0.1; ** p<0.05; *** p<0.01

Note: The regressions do not contain any control variable.
Note-2: The standard errors are clustered at village level and shown in the parenthesis.

Table B.2: Comparison of Soulédé-Roua and Hina with control variables for education

Variables The number The number of The number of Households
of children children children going to expenditure
participating dropped the school for education
the school last school
2-years
Estimator 0.153 0.011 0.188** 0.793
(0.092) (0.057) (0.072) (0.875)
Treatment 0.118 -0.040 0.179* 2.329
(0.106) (0.038) (0.090) (1.477)
Time -0.340%** 0.002 -0.323*** -0.529
(0.082) (0.049) (0.064) (0.740)
Household Size -0.022** 0.005** -0.019** 1.966***
(0.009) (0.004) (0.008) (0.365)
Age of Household Head 0.004*** 0.001* 0.003*** 0.129%**
(0.001) (0.000) (0.001) (0.028)
Female household head (Yes=1, 0.177** 0.008 0.189*** 0.952
No=0
) (0.063) (0.019) (0.068) (0.927)
Number of children 0.556%** 0.029* 0.651*** 0.000
(0.022) (0.006) (0.025) (0.390)
Educated Head of Household 0.296*** 0.001 0.329*** 3.798***
(Yes=1, No=0)
(0.060) (0.019) (0.057) (1.156)
Household head is 0.828 -0.009 0.475 7.418
unemployed (Yes=1, No=0)
(0.607) (0.059) (0.367) (4.294)
Single Household Head -0.040 -0.002 -0.060 2.293*
(0.066) (0.022) (0.058) (1.276)
Constant -0.205 -0.020 -0.261*** -14.329***
(0.146) (0.048) (0.122) (3.127)
R? 0.58 0.04 0.63 0.24
N 3132 3132 3132 3488

* p<0.1; ** p<0.05; *** p<0.01 Note: The standard errors are clustered at village level and shown in the parenthesis.
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Table B.3: Comparison of Soulédé-Roua and Hina for labor

Variables The number of children engaged in any The number of working
economic activity last 12-months children

Estimator 0.462** 0.597**
(0.206) (0.241)

Treatment -0.542** -0.309
(0.192) (0.336)

Time -0.672*** -0.795
(0.191) (0.220)

Constant 1.949%** 2.508***
(0.184) (0.328)

R? 0.02 0.01

N 3121 3142

* p<0.1; ** p<0.05; *** p<0.01 Note: The standard errors are clustered at village level and shown in the parenthesis.

Table B.4: Comparison of Soulédé-Roua and Hina with control variables for labor

Variables The number of children engaged in The number of
any economic activity last 12-months working children

Estimator 0.193 0.147

(0.200) (0.187)
Treatment -0.382* 0.027

(0.181) (0.192)
Time -0.262 -0.244

(0.181) (0.165)
Household Size -0.047*** -0.092**

(0.011) (0.025)
Age of Household Head 0.006*** 0.024***

(0.001) (0.001)
Number of persons between 15- 0.094*** 0.713***
59

(0.023) (0.033)
Single Household Head (Yes=1, 0.012 0.197**
No=0)

(0.053) (0.066)
Female Household Head (Yes=1, 0.084* 0.632***
No=0)

(0.053) (0.072)
Number of persons between 5- 0.536*** 0.479***
14

(0.024) (0.033)
Educated household head (Yes=1, -0.121* -0.080
No=0)

(0.047) (0.069)
Years spent for education at 0.037** 0.073***
household level

(0.009) (0.009)
Constant 0.053 -1.982***

(0.174) (0.207)
R? 0.48 0.66
N 3121 3142

* p<0.1; ** p<0.05; *** p<0.01 Note: The standard errors are clustered at village level and shown in the parenthesis.
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