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Abstract

Are informal social institutions embedded in measured risk prefer-

ences? In this study, we analyze whether attitudinal di�erences in risk

are attributable to the degree of support received from di�erent social cir-

cles. We relate measures of perceived social support from 3 di�erent back-

grounds (family, friends and neighborhood) to experimental measures of

risk preferences. We employ an incentivized choice task and a large-stakes

hypothetical lottery question to elicit risk preferences. We �nd that indi-

viduals who report higher social support tend to make more risky choices

in an incentivized risk task. This relationship is robust to the inclusion of

a wide variety of controls, and region �xed e�ects. The link between so-

cial support and risk choices is partly moderated via access to funds from

social networks. We control for the e�ects of various characteristics in-

cluding psychological health, cognitive ability, religiosity, socio-economic

status, neighborhood quality, and several household characteristics. Our

results suggest that psychological health and religiosity have signi�cant

e�ects, while cognitive ability does not seem to in�uence incentivized risk

choices.

Keywords: Field experiments, Risk preferences, Social support, Infor-

mal �nancial institutions, Access to Funds
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Özet

Gayri resmi sosyal kurumlar, ölçülmü³ risk tercihlerinin içinde gömülü müdür?

Bu çal�³mada, risk tutum farkl�l�klar�n�n farkl� sosyal çevrelerden al�nan destek

derecesine atfedilebilir olup olmad�§� analiz edilmektedir. Üç farkl� çevre (aile,

arkada³ ve mahalle) için alg�lanan sosyal destek ölçekleri, deneysel risk tercihi

ölçümleri ile ili³kilendirilmektedir. Risk tercihlerini ortaya ç�karmak için, te³vik

edilmi³ seçim görevi ve büyük bahisli varsay�msal piyango sorusu kullan�lmak-

tad�r. Yüksek sosyal destek ald�§�n� bildiren bireylerin, te³vik edilmi³ seçim

görevinde daha riskli seçimler yapma e§iliminde olduklar� görülmektedir. Bu

ili³ki, çok çe³itli kontroller ve bölge sabit etkileri dahil edildi§inde sa§lamd�r.

Sosyal destek ve risk seçimleri aras�ndaki ba§lant� k�smen sosyal a§lardan fon-

lara eri³im ile denetlenmektedir. Ruh sa§l�§�, bili³sel yetenek, dindarl�k, sosyo-

ekonomik durum, mahalle kalitesi ve birkaç hane halk� özellikleri de dahil olmak

üzere çe³itli özelliklerin etkileri kontrol edilmektedir. Bulgular�m�zda bili³sel

yetene§in te³vik edilmi³ risk seçimlerini etkilemedi§i, psikolojik sa§l�k ve din-

darl�§�n ise önemli etkileri oldu§u ileri sürülmektedir.

Anahtar Sözcükler: Saha deneyleri, Risk tercihleri, Sosyal destek, Gayri

resmi �nans kurumlar�, Fonlara eri³im
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1 INTRODUCTION

1 Introduction

Are informal social institutions embedded in measured risk preferences? Choices

people make under uncertainty may re�ect their environment, including formal

and informal credit and insurance institutions. An important component of the

latter is social connections. Informal institutions play a crucial part in risk man-

agement in a developing economy context: �Social capital may be particularly

important in environments where government or private sector substitutes for

risk-coping mechanisms are not available or not accessible� (p.2, Nielsen et al.

[2013], Collier [2002]). This also applies to Turkey, a developing economy with

transitioning �nancial markets. We investigate the determinants of risk choices,

and particularly the role of support from social networks, in a representative

sample of approximately 750 women from Turkey.

In Turkey, social networks (neighbors, acquaintances, relatives) are the pre-

dominant sources of informal credit. Compared to their male counterparts,

Turkish women are less educated and participate less in the labor force (Ilkkara-

can [2012], Dayioglu and Kirdar [2009]). The use of formal �nancial institutions

is not very common, especially among non-employed women. Among the women

in our sample, a signi�cant majority prefer informal sources of �nancing (from

social networks) over formal sources of credit such as banks. These character-

istics render our subject pool attractive for our analyses of informal �nancial

institutions.

While research on risk preferences is extensive, little is known about the

relation between social ties and risk attitudes. To address this gap, we relate

measures of social support to measures of risk preferences. On the impact of

social support on risk preferences, there is only one other study that we are

aware of, by Nielsen et al. [2013]. This is a very recent study which assesses

the determinants of risk preferences of the farmers in rural Vietnam. The study

1



1 INTRODUCTION

has two main objectives: to compare di�erent risk elicitation techniques, and to

analyze the e�ect of social capital on risk preferences. We extend their approach

further using more comprehensive proxies of social capital. In particular, we

distinguish among social support from di�erent sources, including family, friends

and neighborhood.

There are many studies aiming to uncover the socio-economic determinants

of risk behavior. Our study contributes to this strand of literature, using a rich

dataset. Our focus is particularly on the relationship between social ties and risk

preferences. We propose that the quality of social support might capture some

of the variation in risk choices. Moreover, we show that this link is partly driven

by availability of funds from social networks. This study aims to provide insight

on the role of informal �nancial institutions in a sample where the dominant

source of funds are social networks rather than formal �nancial intermediaries.

The use of formal/informal �nance is determined by access to formal �nancial

institutions as well as access to credit from social networks. Availability of credit

from social networks provides individuals with social insurance. If they can rely

on their social networks for credit, they are more likely to use informal sources

(social connections) to borrow, rather than formal institutions such as banks.

Hence, access to funds from social networks is an important indicator of the use

of informal �nancial institutions in a society.

Eswaran and Kotwal [1990] analyze how risk behavior is characterized by

access to credit in less developed economies with imperfect capital markets.

They formalize the idea that access to consumption credit enhances individuals'

capacity to absorb risk and smooth out consumption over time. They conclude

that even when the underlying risk preferences are identical, constraints on

credit can lead to di�erential risk behavior, via providing ability to pool risks

over time. Therefore, even though it is not directly linked to risk preferences,

2



1 INTRODUCTION

access to credit plays an important role in how people cope with risks.

Economists have exploited social network measures to investigate the role of

social networks on risk management, risk sharing and consumption-smoothing.

These studies have typically been conducted in less developed economies. For

example, Fafchamps [1999] document that informal credit is a critical mecha-

nism in smoothing out consumption in rural communities in the third world. He

asserts that these informal risk-sharing arrangements may fail to achieve Pareto-

e�ciency in risk sharing, compared to standard credit and insurance contracts.

Thus, informal credit between friends and relatives is considered a form of 'quasi-

credit'. Similarly, Platteau and Abraham [1987] study quasi-credit contracts in

agrarian village societies. They analyze how these credit systems function as

insurance against risk and uncertainty. Overall, these studies suggest that social

linkages underlie strategies to cope with risk.

It is crucial to distinguish between social support and social networks (Got-

tlieb and Bergen [2010], Barrera Jr [1986]). Social network measures employed

by economists rely on the theory of networks. They are structured according

to the number of social linkages enveloping the central individual or 'ego', and

the associated social proximity (Marsden [1990], Chandrasekhar et al. [2011]).

Hence, these measures inform us on the number of social connections, rather

than the characteristics of the individual's actual social environment. Nev-

ertheless, a common �nding is that individuals are more likely to share risk

with friends and family (Fafchamps and Lund [2003], Angelucci et al. [2009]).

Fafchamps and Lund [2003] study the role of social networks in risk-sharing in

rural Philippines. This study concludes that households receive help primarily

through networks of friends and relatives to manage risk against income and

expenditure shocks. These �ndings highlight the importance of distinguishing

among di�erent social circles, and also the need to study social ties in further

3



1 INTRODUCTION

detail.

We exploit a measure of social support that pertains to the quality of social

ties. Social support instruments were developed by epidemiologists and health

psychologists to measure social support with medical patients (Unden and Orth-

Gomer [1989], Cohen and Hoberman [1983], Sarason et al. [1983], Cutrona and

Russell [1987]). We use data from a perceived Social Support Questionnaire,

which builds on several social support measures (see Sarason et al. [1983], Co-

hen and Hoberman [1983] for a detailed description of di�erent social support

instruments). Thereby, our instrument o�ers a multidimensional approach of

perceived social support.

Using experimental methods to elicit risk preferences is a popular approach

adopted by many economists. To elicit risk preferences, we use two di�er-

ent methods: a hypothetical lottery question, and an incentivized choice task.

While incentivized tasks are favored by economists (Harrison et al. [2005]), they

have been criticized for their limitation to small stakes. Complementing our

incentivized choice task with a large-stakes hypothetical lottery question guards

us against bias resulting from small-stakes. Thus, the large-stakes hypothetical

lottery measure provides us with a robustness check.

The unusually rich nature of our dataset enables us to investigate the deter-

minants of risk preferences from a broad set of characteristics including socio-

economic level, several household characteristics, human capital, religiosity, cog-

nitive ability, neighborhood ecologies, mental health, and past experience of �-

nancial loss1. In addition to the standard controls used in the risk literature,

we also test whether cognitive ability scores, religiosity and mental health a�ect

risk-taking behavior. Our main focus lies on the impact of the individual's social

support network, controlling for additional characteristics.

Our analyses reveal that social support is an integral part of risk-taking

1We proxy for human capital by years of schooling and working status.
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1 INTRODUCTION

decisions. To argue that risk choices are shaped by the quality of social sup-

port, we establish a link between the two: a proxy for social insurance. We

demonstrate that the e�ect of perceived social support on risk choices oper-

ates partially through access to funds from social networks. In addition to the

quality of perceived social support, we �nd religiosity and mental health to be

the most signi�cant determinants of risk choices. In contrast to Dohmen et al.

[2010], we do not detect a signi�cant relationship between cognitive ability and

risk choices.

The rest of the paper proceeds as follows: section 2 describes the nature of

our data and experimental methods, section 3 explains the construction of our

measures, section 4 presents our results and analyses, and section 5 concludes.

5



2 DATA AND METHODOLOGY

2 Data and Methodology

2.1 Data from ECDET Survey

Our subject pool consists of the participants in the �Study of Early Childhood

Developmental Ecologies in Turkey� (ECDET). ECDET is a longitudinal study

that aims to explore the social and environmental factors in�uencing cognitive

and socio-emotional development of children from the age of 3 to 72 (Kuntay

et al. [2010]). The ECDET study consists of �ve waves, beginning in 2008.

The surveys have been conducted annually by visiting the subjects' homes. The

study involves a nationally representative sample of approximately 1000 mother-

child pairs from 19 di�erent cities in Turkey3. In this study, we focus on the

mothers. Our study exploits data obtained from the �nal wave of data collection

of the ECDET study, to which we added a risk module. The approximate

number of observations in our dataset is 745 and the women in our sample are

between 22 and 84 years old, with an average age of 34.44. 83% of the women

in our sample reported that they are �not engaged in any activity that yields

income� at the time of the survey. Out of the 83% non-working, 99% classi�ed

themselves as housewives. Educational attainment of the subjects vary greatly

(from 0 to 15), with an average of approximately 6 years of education. More

than 80% of the subjects have left school after completing elementary school

(8th grade). We observe that subjects with higher levels of education are more

likely to work. Notably, both the employment rate and education level are

higher for their husbands. Almost all women are married (98%) and out of

those who are married, 94% report that their husband has a job. The husbands

2ECDET has been developed by the Psychology department at Koç University in Istanbul,
Turkey.

3There has been some attrition since the �rst wave of ECDET, which seems to have oc-
curred with the wealthier portion of the sample.

4The study also includes several cases where the children have been adopted by their
grandparents.
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2.1 Data from ECDET Survey 2 DATA AND METHODOLOGY

are on average more educated than the women, with an average of 7.4 years of

education. Average size of the household (measured by the number of family

members living in the same house) is around 5, with approximately 3 kids.

In addition to general characteristics of the women (including age, education,

employment status, physical and psychological health, religiosity and cognitive

ability); we also have detailed information on socio-economic background of the

family and the subjects' social environment. Thereby, this extraordinarily rich

dataset enables us to analyze the relationship between social support and risk

choices with respect to a large set of correlates.

Most importantly, majority of the subjects in our sample seem to prefer

informal (social) sources of funding over formal �nancial institutions. The sub-

jects are asked how would they �nance an unexpected expense equal to their

monthly spending. 43% of the subjects state that they would borrow from

friends or relatives, while only 12% report that they would borrow from a bank

or credit card. 38% state that they would use up from their savings, and the

remaining 6% say that they would sell some things to cover an unexpected ex-

pense. Figure1 demonstrates the distributions of di�erent means of �nancing.

Note that, however, this instrument is not a pure indicator of preferred bor-

rowing source. Due to the nature of the survey question, it combines data on

borrowing preferences and access to funds. Yet it does not distinguish between

the two reasons underlying the subjects' responses. Nevertheless, these statis-

tics indicate the dominance of informal means of funding (friends/relatives) over

the formal ones (bank/credit card).

7



2.2 Risk Elicitation Tasks 2 DATA AND METHODOLOGY

6.42%

38.10%

43.05%

12.43%

sell savings
friends/relatives bank/credit card

Figure 1: Means of Financing

2.2 Risk Elicitation Tasks

We employ two di�erent methodologies to elicit risk preferences: an incen-

tivized choice task with real payo�s (which involves low stakes), and a hypo-

thetical �nancial lottery question (involving high stakes). First, we use a simple

binary mechanism pioneered by Gneezy and Potters [1997]. Subjects receive

a certain endowment of 10 tokens, which they are asked to divide between a

risky and riskless option. The risky option has a 50% chance of generating the

good outcome; in which case the amount invested in the risky option triples.

The money invested in the risky option is lost if the bad outcome occurs. The

outcome is determined by the color of a ball drawn from an opaque urn by the

subject. The amount kept in the safe option remains unchanged independent

8



2.2 Risk Elicitation Tasks 2 DATA AND METHODOLOGY

of the outcome5. Payo� of a subject is therefore determined by the following

calculation:

Ei = 3×Ri × 0.5 + (Wi −Ri)

where Wi represents subject i's endowment and Ri the amount invested in the

risky option by subject i.

The amount invested in the risky option represents the subject's willingness

to take risks, while the amount kept in the safe option determines the subject's

degree of risk aversion. Charness et al. [2012] provide an overview of the use of

incentivized choice task in di�erent risk studies with di�erent subpopulations.

The distribution of the subjects' incentivized risk tolerance is clustered in the

center. On average, subjects invest 45% of their endowment in the risky option.

Extremely risk-averse (that invest 0) and risk-loving subjects (that invest all

their endowment) lie on the two-tails, with 11% of the subjects on each tail.

The Gneezy and Potters [1997] task has been conducted with di�erent samples

in various settings. Charness et al. [2012] assemble data from 15 di�erent sets

of experiments that use the same methodology and report average investment

of females to be 40% of the initial endowment. In particular, average female

investment ranges from 43% to 59% among student subjects, and from 4% to

50% among villagers in di�erent rural regions. Ertac and Gurdal [2012] report

45-54% average investment with Turkish female undergraduates6. A comparison

with other studies using the same methodology shows that the average risk

5The transparency of the experiment and the subjects' comprehension of the experimental
procedure were ensured prior to the task. After explaining the rules, the interviewers per-
formed a demonstration of the elicitation task with two hypothetical investment choices. Then
the interviewers tested the participants' understanding of the task by asking them to make
simple calculations of earnings for di�erent hypothetical investment choices. The interviewers
were instructed to only proceed with the task if the participants were able to answer these
questions correctly.

6Although they follow the same methodology, treatments and procedures vary in some
aspects.
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2.2 Risk Elicitation Tasks 2 DATA AND METHODOLOGY

behavior of the women in our sample is not biased in either direction.

We complement our incentivized risk task measure with a large stakes hy-

pothetical investment question. Using two di�erent methods provides a com-

parison of how determinants of risk tolerance vary between hypothetical and

real (incentivized) tasks involving small and large stakes. Charness and Vi-

ceisza [2011] point out to comprehension issues with sophisticated risk elicita-

tion tasks such as the Multiple Price List mechanism introduced by Holt and

Laury [2002]7. Following their approach, we incorporate a simple hypothetical

lottery question. Speci�cally, subjects are asked what portion of the money they

would invest in a risky business if they won 50,000 Turkish Liras in a lottery.

The amount invested in the risky business doubles if the investment turns out

to be pro�table, with 0.5 probability. The amount is lost if the business goes

bankrupt, with 0.5 probability. Levin et al. [1988], Schubert et al. [1999], Eckel

and Grossman [2002] and Eckel and Grossman [2008] conduct similar abstract

gamble experiments with large stakes. Responses to the large-stakes hypothet-

ical lottery question indicates an average investment rate of 49%. In addition,

mothers' responses to the hypothetical gamble predict their behavior in the

small-stakes incentivized choice task. Spearman rank correlations yield a corre-

lation of 0.23 that is signi�cant at 1% level. Figure 2 displays the distributions

of our two risk measures. To facilitate interpretation, we report risk tolerance

in terms of proportion of the amount invested for both tasks.

7The risk elicitation mechanism proposed by Holt and Laury [2002] involves a series of
choices between pairs of safe and risky lotteries, where the probability of getting the high
payo� increases as subjects proceed with the choices. The `switching-point', where the subject
switches to the risky lottery, determines an interval identifying the subject's level of risk
aversion.

10
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3 Construction of Measures

3.1 Cognitive Ability

The ECDET study includes two separate instruments to assess cognitive ability:

a verbal module (ACEP Vocabulary Test), and a non-verbal module (Working

Memory Capacity Test). The Digit Span Task (Humstone [1919]) is a widely

used measure of working memory capacity. It composes of two parts: a digit

span task and a backward digit span task. The subjects are asked to repeat

a sequence of numbers after the interviewer. In the backward digit span task,

the subjects repeat the numbers in reverse order. We sum scores (number of

correct items) from the two tasks. The reliability and validity of the Digit

Span Task have been reported in Turner and Engle [1989], Kane et al. [2005]

and Schroeder et al. [2012]. The ACEP Turkish Vocabulary Test, used to test

subjects' knowledge of Turkish vocabulary, was developed by Gulgoz [2004] (see

also Kagitcibasi et al. [2009] for the reliability of this measure). Although the

original test contains 30 items, the present study includes a 24-item multiple-

choice version adapted by Kagitcibasi et al. [2009]. This test assesses knowledge

of words that are rarely used in daily language. Subjects are asked to identify

the synonyms for each word from several options, and the number of correct

answers correspond to the subject's score in the test. Both tests were conducted

in the �rst wave of ECDET. We have cognitive ability scores for a total of 745

individuals.

In a study where they investigate the link between risk preferences and cog-

nitive ability, Dohmen et al. [2010] employ similar tests of cognitive ability: a

symbol-digit correspondence test and a word �uency test, which are submodules

from the German version of the �Wechsler Adult Intelligence Scale (WAIS)�, a

widely used intelligence test. Their tests capture the subjects' speed of process-

ing information as well as their knowledge. A standardized average IQ score

12



3.1 Cognitive Ability 3 CONSTRUCTION OF MEASURES

is constructed by averaging the standardized values of the two tests, and then

standardizing the resulting average. Although this method of standardization is

a common procedure, it is not feasible with our data. For both subsamples, we

reject the hypothesis that the estimated distribution for test scores are normal,

using a Skewness-Kurtosis All Normality Test (D'agostino et al. [1990]). Hence,

we prefer to use the aggregate raw scores from our verbal and non-verbal tasks,

without standardizing. Furthermore, we �nd that the two cognitive scores are

signi�cantly positively correlated with each other8. We generate a single com-

bined measure of cognitive ability to reduce bias from measurement error and

obtain a more reliable measure. Our aggregate measure of cognitive ability

is the average of the sum of scores from both tasks. The average cognitive

ability score is strongly positively correlated with education level9. Figure 3

shows how cognitive ability scores vary with education. The average test score

also correlates strongly and signi�cantly with the socio-economic status of the

household10.
8Spearman's ρ= 0.49, p-value = 0.0000
9Spearman rank correlations yield a correlation coe�cient of 0.57, that is signi�cant at 1

% level.
10Spearman's ρ= 0.49, p-value= 0.0000.
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3.2 Psychological Health 3 CONSTRUCTION OF MEASURES
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Figure 3: Cognitive Ability Scores by Education Level

3.2 Psychological Health

To assess the general psychological health of the mother, a Brief Symptom In-

ventory (BSI) was carried out. The BSI is a shorter version of the Symptom

Checklist 90-R (see Derogatis [1975], Derogatis and Cleary [1977]). It is com-

posed of 53 items covering nine symptom dimensions: Somatization, Obsession-

Compulsion, Interpersonal Sensitivity, Depression, Anxiety, Hostility, Phobic

Anxiety, Paranoid Ideation and Psychoticism (see Derogatis and Spencer [1993]

for a detailed construction of the BSI scales). The items in the BSI correspond

to the intensity of the symptoms in the past week. Respondents rank each

symptom (e.g. �Thoughts of ending your life�) on a 5-point scale ranging from

1 (�Never�) to 5 (�Too much�). Using these 9 primary dimensions, we construct

a global index of distress, the Global Severity Index (GSI). The GSI is the sum

over all items included in the BSI divided by the total number of items to which

14



3.2 Psychological Health 3 CONSTRUCTION OF MEASURES

the individual responded. This global index combines information about the

number of symptoms and the intensity of distress (see Derogatis and Melis-

aratos [1983] and Conoley and Kramer [1989] on reliability and validity of the

BSI). We use GSI measure to proxy for the mother's psychological health. 0

indicates no symptoms and a higher GSI score indicates higher number of psy-

chological symptoms and/or high intensity of distress. 13.5% of the subjects

appear to have no psychological symptoms. Figure 4 displays the variation in

GSI scores. The distribution of the scale is highly skewed towards the lower

tail, indicating that the majority of the subjects have reported a lower num-

ber of symptoms. The BSI measure is negatively and signi�cantly correlated

with our social support measures11, suggesting that the women with higher BSI

scores (indicating towards mental distress) tend to have weaker perceived social

support.
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Figure 4: Mental Health

11Spearman rank correlations with each three social support indeces yield a negative corre-
lation that is signi�cant at 1 %.
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3.3 Socio-economic Level

We also exploit several characteristics of the household, such as the Wealth In-

dex. Note that the Wealth Index does not correspond to the formal de�nition

of the term, i.e., assets net of liabilities. Various asset indeces have been devel-

oped to proxy for socio-economic status of households. Filmer and Scott [2008]

provide a comparison of various asset indeces designed to rank socio-economic

status of households. The data from ECDET survey allows us to combine two

separate measures of economic status: the per capita household expenditure,

and an asset index constructed from material wealth of the household. Per

capita expenditure is the preferred proxy for income (Filmer and Scott [2008]).

In the Household Income Expense Survey, the subjects are asked to state the

total monthly expenditure of their household 12. We then divide the reported

amount by the number of people living in the household to calculate the total

monthly expenditure per capita. To obtain a broader measure of socio-economic

status, we combine the expenditure measure with an asset index approach. Our

material wealth index is similar to the asset index developed by Filmer and

Pritchett [1999] and Filmer and Pritchett [2001]. We ask the subjects whether

the household owns various belongings (e.g. TV, dishwasher, summer house,

daily newspaper, etc.) that are indicators of the material wealth of the house-

hold. Asset indeces are typically derived as a weighted sum of goods (which

are e�ectively public in the household) and household quality indicators. In-

stead, we conduct principal component analysis with the individual items in the

material wealth section. Finally, we construct a wealth index by extracting a

common factor from the per capita total monthly spending and the factor pre-

dicting material wealth. The socio-economic status of the household appears

12�People in your house may have many expenses such as rent, electricity, transportation,
education, and health care. Including such expenses, what is the total monthly expense of
your household?�
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to be uncorrelated with both of our risk measures. Socio-economic status is

positively and signi�cantly correlated with perceived support from family and

friends, while it is signi�cantly and negatively related to support from neigh-

borhood.

3.4 Religiosity

Religious communities can provide a support network for individuals, which

can indirectly in�uence risk attitudes. From this point of view, religiosity can

also proxy social networks. Turkey is a predominantly Muslim country where

religion plays an e�ective role in many aspects of life including health, insur-

ance, and attitudes towards natural disasters. Moreover, religious beliefs and

practices vary highly according to the region. Therefore, it is appealing to ex-

plore the relationship between religiosity and risk choices of Turkish women.

The potential e�ects of religious attitudes on economic behavior has recently

received considerable attention in economics literature (Benjamin et al. [2010],

Kumar et al. [2011], Hilary and Hui [2009], Gheyssens and Gunther [2012],

Halek and Eisenhauer [2001]). These studies have consistently demonstrated

that risk preferences and religious attitudes are related. To account for religios-

ity, it is a common approach to exploit World Values Survey (WVS) data on

indicators of religiousness (Miller [2000], Guiso et al. [2003] and Freese [2004]).

The WVS religiosity indicators cover 4 dimensions: a�liation with a religion,

comfort (�nding comfort and strength in a religion), importance of religion, and

attending religious services. A few number of studies on risk and religion, such

as Miller [2000], include Turkey in their analyses. Note that both our methodol-

ogy (risk elicitation methods and religiosity indicators) and analyses di�er from

Miller [2000]. Miller [2000] measures the respondents' general risk preferences

on a 10-point self-reported scale. Moreover, their dependent variables are the
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WVS indicators of religious attitudes, while we include religiosity as a control in

our regressions of risk choices. The second wave of ECDET includes a religios-

ity scale which provides information about religious beliefs and practices. The

dataset contains several items concerning the degree to which the respondent is

involved in religious activities, a�liation with a religion and devotedness. From

these items we conduct a principal component analysis to obtain a proxy for

religiosity. On a scale of 0-100, the mean religiosity score of the subjects is 52.

3.5 Neighborhood Quality

In addition to the Social Support Questionnaire, we exploit another instrument

re�ecting the subjects' social environment. The Neighborhood Ecologies Sur-

vey in the ECDET study includes several subscales indicating the respondent's

perception on their own neighborhood. This includes material and social re-

sources available in the neighborhood, and social cohesion and social support.

From the latter, we construct our index of social support from neighborhood.

Remaining items provide information on the subject's perception of the quality

of her neighborhood environment. To illustrate, the subjects report whether

their neighborhood is clean, safe or whether they are pleased with the peo-

ple living in their neighborhood. To construct an aggregate measure, we sum

the individual items. The availability of social and material resources in the

neighborhood appears to be positively associated to social support from neigh-

borhood. Spearman rank correlations report a correlation coe�cient of 0.53,

with a p-value=0.0000. Thus, we control for the quality of the subjects' social

environment while analyzing the e�ects of social support. Furthermore, to ob-

tain a more credible measure of support from neighborhood and neighborhood

ecologies, we also control for whether the respondents have moved to a di�erent

neighborhood in the past year. Only 9 % of the subjects state that they have
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moved.

3.6 Social Support Instruments

The literature has established a link between social networks and risk behavior.

With this study, our primary goal is to explore whether attitudinal di�erences

in measured risk preferences are attributable to the quality of social support.

There are di�erent approaches to evaluate social support: received/perceived,

observational/self-reported. Self-reported measures are preferred due to their

convenience and brevity, and are typically obtained via surveys or interviews.

We exploit data from a perceived Social Support Questionnaire, a self-reported

survey-based measure which reports the adequacy of social support from the

recipient's perspective.

One needs to bear in mind the distinction between the two concepts: so-

cial support and social networks (Barrera Jr [1986]). Social networks convey

information on the number of social ties, their density, and the di�erent roles

of the 'ego' in social fabric. Network links provide information on the degree

of social interconnectedness, while social support measures assess the quality of

social interactions. For example, social networks reveal whether a family link

exists, but social support measures also indicate whether there is someone in the

family the individual can always trust. Hence, the existence of a social network

does not necessarily translate into provision of social support. Social support

indeces also measure reliance on social network members. Indeed, social sup-

port is about the availability of psychological and material resources from social

networks. It is often grouped into three categories: instrumental, informational,

and emotional. Instrumental social support involves the provision of �nancial

assistance and help with daily tasks, informational social support is related to

provision of information to help the individual with her problems (such as ad-
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vice or guidance), and emotional social support refers to expression of emotions

(e.g. empathy, caring, reassurance, and trust) (House et al. [1985]).

The Bu�ering Model, developed by Cohen and Wills [1985], proposes that

social support protects, or 'bu�ers' individuals from negative impacts of adverse

life events. The Bu�ering Hypothesis was the starting point for analyses of social

support. With the bu�ering hypothesis, the development of a social support

instrument for use in population surveys has been popularized (Unden and Orth-

Gomer [1989]). Social support instruments have originally been developed to

measure the level of social support of medical patients. Research has shown

that correlation between stressful events and poor health is weaker for people

with high social support (Cohen and Wills [1985]). Gottlieb and Bergen [2010]

provide a comparison of the quality of three di�erent measures of perceived

social support (ISSB, SPS and ESSI), along with reporting their reliability and

validity.

Some perceived Social support instruments that bear similarities with ours

include the Interpersonal Support Evaluation List (ISEL), Social Support Ques-

tionnaire (SSQ), and the Social Provisions Scale (SPS). The ISEL (Interpersonal

Support Evaluation List) asks the subjects about availability of a speci�c type

of social support (see Cohen and Hoberman [1983] for a detailed information

on the ISEL). The ISEL includes 40 items and 4 subscales: tangible support,

belonging support, self-esteem support and appraisal support. The participants

are presented with a list of statements, whereby they rate each statement on

a 4-point scale, ranging from �De�nitely True� to �De�nitely False�. A limita-

tion of this approach is that it does not identify the source of social support.

Hence, the subjects can obtain a high score if they receive strong support from

a single source. Similarly, the SPS (Social Provisions Scale) by Cutrona and

Russell [1987] does not provide information on the source of social support.
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The SPS scale includes 24 items tapping 6 types (subscales) of provisions, in-

cluding practical help, guidance, and attachment. SPS scores are calculated

by summing over the individual items, after reverse-coding the negative ones.

The SPS measure is reported to have an excellent internal consistency (reliabil-

ity) with Cronbach's alpha = 0.92 13. The reliability and validity of SPS has

been reported in Cutrona and Russell [1987] and Gottlieb and Bergen [2010] 14.

Therefore, the ISEL and SPS measures can be implemented when the source of

social support is not crucial for the researcher. The SSQ (Social Support Ques-

tionnaire), developed by Sarason et al. [1983], is another popular instrument

of social support. The original version of the SSQ is a 27-item questionnaire,

where each item is composed of two parts. First, the respondents list sources

that �t the description of the speci�c social support in the question. Then,

the subjects are asked to indicate their level of satisfaction with social support

from the reported sources. Thus, the SSQ conveys information on the source

of social support. Yet it does not di�erentiate between di�erent types of social

support. Finally, Procidano and Heller [1983] devise an instrument focused on

social support from two speci�c sources: friends and family.

In order to analyze di�erent types of social networks separately, we have

distinct modules assessing social support from di�erent sources: support from

family and friends. In addition to these two modules, we also exploit the Neigh-

borhood Ecologies Survey, which includes items on social resources available in

the neighborhood, from which we derive the social support from neighborhood

measure. Following the approach with SPS, we form social support scores by

summing up the individual items separately for each three dimensions. Our

13Cronbach's α is the coe�cient of internal consistency. A measure is said to have an
'excellent' internal consistency if α ≥ 0.9.

14Reliability determines how consistent a measure is, i.e., whether it yields similar results
under varying conditions. If a measure has high reliability, it yields consistent results. Validity
refers to the degree to which an instrument measures what it is supposed to measure. Note
that an instrument must be reliable in order to be valid.
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instrument identi�es the source of social support, as well as its quality. The

ECDET Perceived Social Support Questionnaire has been conducted in all waves

of ECDET. In our study, we only exploit data from the most recent wave. Our

social support index comprises of three components: support from friends, fam-

ily, and neighbors15. It indicates the perception of the respondents about the

degree of various dimensions of social support they receive from di�erent social

circles. For each item, the subjects report their perception on a scale of 1-5,

ranging from �De�nitely False� to �De�nitely True�. Items include statements

on whether the respondent can obtain help in times of need, whether there is

someone in that social circle that she can trust, and whether she can obtain

support in di�cult times16. Most subjects indicate a high level of perceived

social support in all dimensions. The resulting Kernel density estimates of our

social support instruments are displayed in Figure 5. Our three social support

measures are (strongly) positively and signi�cantly correlated with each other17.

15We also form a measure of support from the subjects' husbands, using speci�c items from
the Marital Quality Scale in the ECDET study. However, we excluded husband support from
our regressions, as it is available only for a few number of observations.

16For the complete list of items, please see Appendix 6.
17All Spearman rank correlations yield signi�cance at 1% level.
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Figure 5: Dimensions of Social Support

3.7 Access to Funds

A widely accepted de�nition of social capital is by Putnam [1995]: �features of

social organization such as networks, norms and social trust that facilitate co-

operation for mutual bene�t. (p.67)� Several proxies of social capital have been

used to capture di�erent aspects of social capital (see Grootaert and Van Baste-

laer [2002] for de�nitions and measurement of social capital]. Some proxies of

social capital include norms of helping others, norms of sharing gains, member-

ship in organizations (civic engagement), and network-reliance. Nielsen et al.

[2013] proxy for social capital using an instrument measuring social network-

reliance. Their instrument consists of binary responses to the following survey

question: �If you or another household member asked, would it be easy or not

easy to borrow money for education (or for health expenses, a positive social

event, a negative social event, or to borrow a water bu�alo, or to ask for labor)

from (see social networks below)?� (p.259, Nielsen et al. [2013]) The participants

23



3.7 Access to Funds 3 CONSTRUCTION OF MEASURES

report their network-reliance measure for �rst-degree relatives, friends, extended

family, and village head. Nielsen et al. [2013] �nd that network-reliance from

�rst-degree relatives is greater than friends, which is greater than reliance on

extended family, which is greater than reliance on village head. This instrument

conveys information on whether the individuals can rely on several social circles

for �nancial support.

Similarly, we ask the subjects to rate the statement: �When I need money

urgently, I can borrow it from someone who lives in our neighborhood.� on a

1-5 scale, ranging from �De�nitely False� to �De�nitely True�. We conceive of

this question to be a proxy for access to funds from social networks, i.e., a form

of (informal) social insurance. It shows the individual's ability to be �nancially

insured by her social network. 16 % of the subjects rate this statement to

be �False� or �De�nitely False�, while 69 % respond with �True� or �De�nitely

True�. Figure 6 shows the resulting distributions of this item. Access to funds

is positively and signi�cantly18 correlated with all three social support indeces,

suggesting a positive relationship between perceived social support and access

to funds from social networks. We will analyze this link further in the coming

sections.
18All Spearman rank correlations are signi�cant at 1%.
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4 Results and Discussion

We conduct our analyses in three steps. First, we perform a number of regression

analyses to analyze the socio-economic determinants of elicited risk preferences,

and detect a signi�cant relationship between the quality of social support and

risk tolerance. To further explore on the relationship between social support

and risk choices, we use a proxy for social insurance: access to funds from social

networks. We examine whether women with higher degree of social support

tend to rely more on their social networks for �nancial resources, and �nd a

positive association. Finally, we estimate the e�ect of social support on risk

choices, controlling for access to funds. Even controlling for access to funds, we

�nd that the quality of social support still has substantial predictive power on

risk choices. Hence, our results reveal that our proxy for social insurance fails

to wholly explain the nature of the link between social support and risk choices.

Additionally, we implement Seemingly Unrelated Regression (SUR) model for a

joint analysis of choices in the incentivized risk task and the hypothetical lottery

question. Outcomes of the SUR estimations are presented in Appendix 6.

We estimate several alternative speci�cations to break down the relation

between social ties and risk preferences. Estimation techniques and results are

discussed below.

4.1 Social Support and Risk Tolerance

The starting point for our analyses is the link between quality of social support

and experimentally elicited risk preferences. We �nd a signi�cant positive cor-

relation between all social support and risk measures19. Social support emerges

19Spearman rank correlations are signi�cant at 5% except for the correlation of support
from neighborhood with risk tolerance elicited by the hypothetical lottery question.
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as a critical factor in�uencing risk choices. Our �rst set of regressions (Table 2

and Table 3) document this relationship. We estimate Ordinary Least Squares

(OLS) regressions with risk tolerance as the dependent variable. First, we per-

form regressions of risk tolerance (both incentivized and hypothetical) on our

social support measures from 3 di�erent sources (see columns 1, 2, 3 and 4 of

Table 2 ). Here, we show that the social support measures are jointly signi�cant

for both risk elicitation methods. An F-test of joint signi�cance yields p-values

of 0.002 and 0.016 for the incentivized and hypothetical risk measures respec-

tively20. Another important point to note is that the social support measures

alone explain 11% and 7% of the variation in incentivized and hypothetical risk

choices respectively, when we control for region �xed e�ects. While none of the

coe�cients of social support indeces appear to be signi�cant in speci�cation (3)

(with incentivized risk tolerance), support from friends has a signi�cant (at 5

% signi�cance level) positive e�ect on risk tolerance elicited by the hypothetical

lottery.

We then extend our analyses to include various socio-economic characteris-

tics. We analyze the role e�ects of social support on risk choices, controlling

for a wide variety of characteristics. Inclusion of additional controls leads to

a signi�cant increase in R2 for both risk elicitation methods. Controlling for

socio-economic characteristics along with social support measures captures 15%

of the variation in incentivized risk choices, and 10% of the variation in choices

in the hypothetical lottery. Here, we observe that all social support measures

have a positive e�ect on risk choices, i.e., people with higher perceived social

support are inclined to make riskier choices in an incentivized risk task and a

hypothetical lottery question. Signi�cance levels di�er.

Notably, including the controls magni�es the impact of social support on risk

20Note that these p-values correspond to regressions of risk tolerance on all of the three
social support indeces, without controlling for region �xed e�ects. P-values for the regressions
with region �xed e�ects are also reported.
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choices on incentivized risk tolerance. Speci�cally, support from family becomes

signi�cant at 10% level, and support from neighborhood at 1%. The only type

of support to signi�cantly in�uence choices in the hypothetical lottery seems to

be support from friends. While it remains signi�cant at 5% level, we observe

a negligible decline in the magnitude of its e�ect (from 0.065 to 0.059), when

we control for additional characteristics. We observe that while support from

family and neighborhood are signi�cant predictors of incentivized risk choices,

support from friends has a signi�cant impact on choices in a hypothetical lottery

with large-stakes.

Table 1 presents the descriptive statistics of our control variables. Speci�-

cations (5) and (6) in Table 2 o�er a socio-economic analysis of risk choices.

Socio-economic status of the household seems to be negatively associated with

taking risks in the incentivized task, while this relationship is only signi�cant (at

10% level) for the higher (3rd ) quartile. Our results display that the women from

households with higher socio-economic status tend to behave more risk-averse

in the incentivized risk task with small stakes. The socio-economic status of

the household is not signi�cant with choices in the hypothetical lottery. Other

studies have also looked at how wealth e�ects risk attitudes. An experimen-

tal study reports that wealthier people take more risks with small stakes, and

are more risk-averse with large-stakes (Bosch-Domenech and Silvestre [2006]).

Dohmen et al. [2010] �nd that willingness to take risks in a hypothetical lottery

increases with the logarithm of household income.

The �xed-e�ects model is used to account for region �xed e�ects. All our

OLS regressions are adjusted for region �xed e�ects and standard errors are

clustered at the city level. Note that regional �xed e�ects capture signi�cant

variation in the subjects' choices. We observe a signi�cant increase in R2 (from

0.07 to 0.15 for the incentivized risk choices, and from 0.05 to 0.10 for the
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hypothetical lottery)21. In addition, we control for the e�ect of geographical

location to provide a more detailed analysis of social support. The results are

presented and discussed in Appendix 6.

Variable N Mean Min Max

Age 743 34.44 22 84

Education (in years) 745 5.86 0 15

Household Size 745 5.08 2 25

Socio-economic Level 745 -0.02 -1.55 5.48

Mental Health (0 No Symptoms) 739 9.40 0 72.64

Working (0,1) 745 0.17 0 1

Moved in the past year (0,1) 745 0.09 0 1

Job Loss in Close Circle (0,1) 745 0.11 0 1

Precautionary Savings (0,1) 745 0.42 0 1

Religiosity 745 51.93 0 100

Cognitive Ability 745 12.37 0 23.5

Number of Family Members living in the same Neighborhood 745 5.86 2 11

Social and Material Resources Available in the Neighborhood 745 38.74 17 50

Table 1: Additional Controls - Descriptive Statistics

21Speci�cations (1), (2), (3) and (4) in Table 2 provide comparison of analyses of social
support with and without the inclusion of region �xed e�ects. Note that there is a signi�cant
increase in R2 when we use the �xed-e�ects model.
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Several personal characteristics of the subjects stand out as signi�cant pre-

dictors of their risk choices. For instance, older women tend to make less risky

choices, and this relationship is signi�cant with choices in an incentivized risk

task. Unlike previous studies, we observe that cognitive ability scores do not

have an impact on risk choices. In addition, our proxies for human capital, level

of education and working status, do not seem to in�uence risk choices in neither

of the tasks.

Psychological health appears to be a critical factor determining incentivized

risk tolerance. Research on mental health and economic decision-making is

scarce. Bogan and Fertig [2013] analyze the role of mental health in household

portfolio choice decisions and show that households with mental disorders in-

vest less in risky instruments. We present contradictory evidence with Turkish

women. Note that, however, our incentivized risk measure involves low stakes

and is fundamentally di�erent from portfolio choice. We �nd that mental health

has a signi�cant (at 1 % signi�cance level) impact on incentivized risk choices

and choices in the hypothetical lottery (signi�cant at 10 %). In particular, the

subjects are more likely to invest more in the risky option if they have reported

more psychological symptoms.

There has been recent emphasis on the role of religion in economic decision-

making. A standard conclusion of these studies is a strong interaction between

risk choices and religious attitudes. Conducted with di�erent societies with dif-

ferent religious norms, results from these studies vary greatly. Using data from

the World Values Survey on religiosity indicators, Halek and Eisenhauer [2001]

�nd some evidence for a higher degree of risk aversion for subjects who are more

'religious'. On the other hand, Gheyssens and Gunther [2012] note that reli-

giosity increases risk-taking in the loss domain. Con�rming the literature, we

detect a signi�cant negative relationship between willingness to take risks and
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4.1 Social Support and Risk Tolerance 4 RESULTS AND DISCUSSION

religiosity22. Subjects who have a higher religiosity score tend to behave signif-

icantly more risk-averse in the incentivized choice task. This relationship is not

signi�cant for choices in the hypothetical lottery, while the negative relationship

is preserved.

We control for the quality of the subject's environment, including the avail-

ability of social and material resources in the neighborhood. Neighborhood

resources appear to have a signi�cant in�uence on risk choices. Subjects who

report more resources in the neighborhood tend to make less risky choices.This

result holds for both risk measures, yet the coe�cients are negligible in magni-

tude. Another indicator of the subject's environment is the number of family

numbers residing in the same neighborhood. While neighborhood resources have

an important e�ect, the number of family members living in the same neighbor-

hood does not seem to in�uence risk choices. In addition, a proxy for �nancial

loss does not seem to have a signi�cant e�ect either. To proxy for past experi-

ence of �nancial loss, we asked the subjects whether someone in their family or

close circle (including the subject herself) has lost their job. Only 11% of the

subjects have reported a job loss in their family or close social circle in the past

year. This variable doesn't seem to have a signi�cant e�ect on risk choices.

When the subjects were asked how they would �nance an unexpected ex-

pense, majority choose to borrow from friends and family (43 %) or use up

their savings (38 %). Regarding these statistics, we also control for whether

the subjects have precautionary savings. Our binary variable indicates whether

the subjects have precautionary savings for emergency needs. 42 % of the sub-

jects report to have precautionary savings. The precautionary savings dummy

is signi�cant (at 10 %) with choices in the hypothetical lottery, while it does

not seem to have an e�ect on incentivized risk choices. We believe that this
22Spearman rank correlations between religiosity and incentivized risk tolerance yields a

coe�cient of (-0.1), which is signi�cant at 1 %. Spearman rank correlations with the hypo-
thetical risk measure yield a negative correlation coe�cient that is not signi�cant.
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4.1 Social Support and Risk Tolerance 4 RESULTS AND DISCUSSION

di�erence can partly be attributed to the distinct nature of our risk preference

elicitation tasks. In particular, subjects might relate precautionary savings to

choices involving large stakes. Having precautionary savings increases the risk

taken in a hypothetical lottery.

Note that the social support measures obtained from 3 di�erent sources are

signi�cantly related23. This might suggest that some social ties might overlap.

Hence, to overcome a potential multicollinearity problem, we perform our re-

gression analyses with individual social support indeces. The OLS regressions

estimated in Table 3 correspond to the separate regressions of risk tolerance on

individual social support measures (separate regressions for each social support

dimension), including the exact same set of controls in speci�cations (3) and

(4) of Table 2. The results from individually ran regressions of social support

(Table 3) are highly similar to the results from the models including all social

support measures (Table 2, columns 5 and 6). On average, separate regressions

with individual social support indeces capture about 14% (compared to 15%

in the previous model) of the variation in incentivized risk choices, and about

9% (compared to 10% in the previous model) of the variation in risk choices

in a hypothetical lottery question. Hence, estimating the model with all three

social support indeces or individual support instruments does not make a huge

di�erence in terms of explaining the variation in risk choices.

We observe that social support variables have greater in�uence on risk

choices when we perform individual regression analyses. Women with higher

perceived social support from their families invest 5% more on average in the

incentivized risk task, while those with higher perceived social support from

their friends invest 7% more in a hypothetical lottery. Higher perceived social

23 All three Spearman rank correlations yield positive coe�cients, and signi�cance at 1%

level.
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support from neighborhood increases investments in the incentivized task by

5%, and investments in the hypothetical lottery by 3%. Hence, we �nd that so-

cial support from friends has a greater in�uence on risk-taking when the decision

involves high stakes. The degree of social support from family and neighbor-

hood almost have the same impact on risk attitudes in an incentivized risk task

involving small stakes.

Additional control variables have almost identical impacts as in the model

presented in columns 5 and 6 of Table 2. Hence, we do not report them here.

4.2 Access to Funds from Social Networks

Although the quality of social support seems to in�uence risk choices from both

tasks, the nature of this relationship remains unclear. For instance, someone

who is more risk-averse might have weaker or stronger social ties. We propose

that a link between social support and access to funds from social networks can

explain how social support in�uences risk choices. In line with our hypothesis,

we construct a proxy for social network reliance: reliance on informal credit from

social circles. This instrument indicates access to funds from social networks,

and precisely, access to credit from neighborhood. We hypothesize that access

to funds from social networks can drive the link from social support to risk

tolerance.

First, we observe that access to funds is positively and signi�cantly correlated

with all three dimensions of social support. Spearman rank correlations yield

signi�cant correlations at 1 % signi�cance level, for all three social support

indeces. To investigate this relationship further, we estimate ordered logistic

regressions of access to funds on social support network measures, including

additional controls24.
24We use the identical set of controls from Table 2 (columns 5 and 6) and Table 3.
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It is typical to use ordered logit estimation to analyze outcomes of opinion

surveys (Greene [2003], McKelvey and Zavoina [1975]). Our response variable,

access to credit from neighborhood, has �ve categories. Given 5 possible an-

swers, the subjects choose the one that most closely represents their own feelings

on the item. Hence, the actual value of the dependent variable is not observed.

We can only know to which category the actual value belongs. The answers

to access to funding question (our response variable) have a natural ordering

(ranging from 'De�nitely False' to 'De�nitely True'). Using the ordered logit

model accounts for the ordinal nature of our response variable, which is essential

for our analyses.

Table 4 exhibits ordered logistic regression results of access to funds on

separate social support instruments and a set of controls. This model informs

us on the relationship between the degree of reliance on social networks for credit

and the quality of social support. Consistent with our hypothesis, the quality

of social support appears to be a signi�cant predictor of access to funds from

social networks. The coe�cients of all three social support indeces appear to

be positive and signi�cant (at 1% level). The positive association between the

quality of social support and access to funds is consistent with our hypothesis:

people with higher perceived social support are more likely to have access to

funds from social networks. This relationship is robust to the inclusion of a wide

variety of controls.
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4.3 Social Ties, Access to Funds and Risk

To test the validity of our hypothesis, we analyze whether access to funds from

social networks has an impact on risk choices. Spearman rank correlations

yield a signi�cant positive correlation (at 10 % level) for the incentivized risk

task. Access to funds from neighborhood is not signi�cantly correlated with

choices in the hypothetical lottery. Moreover, regressions of risk choices on

access to funds indicate that access to funds from social networks does not have

a signi�cant impact on risk choices. These result suggest that our hypothesis

fails in this context, using this particular proxy for social insurance and risk

elicitation methods.

Finally, we investigate whether the quality of social support has an indepen-

dent e�ect on risk choices when we also control for access to funds. Results from

OLS estimations are presented in Table 5. To assess the in�uence of support

from di�erent social circles, we perform these regressions with individual social

support indeces.

Our �ndings show that social support measures still appear to be signi�cant,

and the results are very similar to Table 3. Although almost all coe�cients of so-

cial support indeces are still signi�cant, the estimates are smaller in magnitude

(except for the neighborhood support instrument). Note that the magnitude

of the coe�cient of support from neighborhood increases slightly for both risk

measures (from 0.0464 to 0.0538 for the incentivized risk task, and from 0.0292

to 0.0304 for the hypothetical lottery question). This might occur because the

access to funds variable is an indicator of access to credit from neighborhood.

In fact, the two instruments (support from neighborhood and access to credit

from neighborhood) are strongly and positively correlated. Spearman rank cor-

relations yield a coe�cient of 0.71, and a p-value of 0.0000.

Our �ndings do not fully comply with our initial hypothesis. Access to funds
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does not seem to explain the whole story. It only partially captures the e�ect of

social support on risk choices. In other words, the in�uence of social support on

risk choices does not fully operate through access to funds. While the quality

of social support seems to predict access to funds (Table 4), it also has an

independent e�ect on risk choices. Thus, we conclude that further investigation

is required to reveal the factors that explain the link between social support and

measured risk tolerance.

This has two potential implications. First, a superior proxy of access to funds

from social networks might yield di�erent results that support our hypothesis.

Since our instrument only captures access to funds from neighborhood, a more

comprehensive measure of access to funds from di�erent social circles might

serve as a better proxy for social insurance.

Second, it is possible that other factors contribute to explaining the link

between social ties and risk choices. Another mechanism of support, such as

in-kind support, might play a role. In-kind support is another form of social

insurance, i.e., individuals can make di�erent choices under risk if they have

in-kind support from their social networks. In addition, other forms of social

capital, such as trust, reciprocity and social norms might also play a part in

driving the link from social connections to risk behavior. Trust is a crucial

component of social insurance as low levels of trust in social networks reduces

reliance on social networks. Although our social support instrument includes

several items that indicate trust from social circles, we do not have a measure

that speci�cally reveals trust from social networks.

Another result worth noting from these regressions is the e�ect of cognitive

ability. The cognitive ability score does not seem to have an impact on incen-

tivized risk choices. However, women who score higher on cognitive ability tasks

make signi�cantly riskier choices in the hypothetical lottery question. This dis-
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tinction might potentially arise due to the di�erence in stakes between the two

elicitation methods. Choices in the hypothetical lottery con�rm evidence from

Frederick [2005] and Dohmen et al. [2010] on the e�ect of cognitive ability on

willingness to take risks.
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5 CONCLUSION

5 Conclusion

Most generally, this study investigates how measured risk preferences are shaped

by socio-economic characteristics in a sample of about 750 Turkish women,

using experimental measures. We develop our approach around the e�ect of the

quality of social support on willingness to take risks. Social support is a novel

instrument to be used in economic studies.

Social network literature has already demonstrated some stylized facts about

the role of social connections in shaping risk behavior. First, we know that loans

obtained from informal sources usually do not require collateral or interest pay-

ments. Thus, especially in economies with less developed �nancial markets,

most credit transactions rely upon social collateral rather than physical col-

lateral. Indeed, social networks serve as social collateral to secure informal

borrowing ( Karlan et al. [2009]). This suggests a role for support from one's

social networks on the formation of informal �nancial institutions. We also know

that individuals are more likely to share risk with friends and family than with

other members of the society (Fafchamps and Lund [2003] and Angelucci et al.

[2009]).

Motivated by these �ndings, we investigate the role of social relationships on

risk choices from a di�erent perspective. We exploit a measure of social support,

which re�ects provision of social and material resources from social networks.

We detect a strong interaction between the quality of social support and risk

choices. Yet, our instrument, access to funds from social networks, fails to fully

reveal the relationship between social ties and risk choices. Moreover, our proxy

for access to funds from social networks does not have a signi�cant e�ect on risk

choices. Hence, our hypothesis fails in this speci�c context. Nevertheless, our

results suggest that social network measures can be complemented with social

support instruments in analyzing risk behavior.
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5 CONCLUSION

There are several limitations to our study. Above all, a more comprehensive

measure of access to funds from social networks is required. This could also

provide information on the speci�c source of funds. Moreover, information on

the frequency of borrowing from both formal and informal �nancial intermedi-

aries could be of use. Although we have information on the subjects' dominant

source of funding (formal vs. informal), it does not specify whether subjects

have access to formal �nancial institutions. Our results can be extended to

distinguish between settings where formal credit is not accessible/available, and

available, but not preferred.

Nonetheless, this study has implications on the penetration of formal �nan-

cial sector among women in developing economies. Moreover, these results could

be analyzed in the context of microcredit, where informal credit arrangements in

social networks play a critical role. In a setting where social connections consti-

tute the dominant sources of funding, we show that the quality of social support

plays an important role in economic decision making. Including information on

saving and borrowing patterns would enrich these conclusions.
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6 Appendix

A. Perceived Social Support Questionnaire

A.1 Support from Family

For each sentence, please select one of those choices below:

�5: De�nitely True,� �4: True,� �3: Not Sure,� �2: False,� and �1: De�nitely

False�

1. Someone from family is there when I need help.

2. I can share my happiness and sorrow with someone from family.

3. Someone in the family really tries to help me.

4. I can get support someone from the family when I am upset/depressed.

5. Someone from the family comforts me when I have problems.

6. I can trust someone from the family when I am in trouble.

7. I can talk to someone from the family about my problems.

8. Someone in the family cares about my feelings.

9. Someone from the family helps me to make decisions.

A.2 Support from Friends

For each sentence, please select one of those choices below:

�5: De�nitely True,� �4: True,� �3: Not Sure,� �2: False,� and �1: De�nitely

False�
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1. My friends do not visit me as often as I wish.

2. My best friend does not show interest in my problems.

3. I have a friend that I can share the good news with.

4. I have a friend who cheers me up, no matter how upset I am.

5. I have no friends that I can trust enough to share my secrets.

6. I often need help from my friends, but I cannot get the help I need.

7. I have a friend that I can talk to, at least on the phone, when I am

depressed.

8. I do not have any friends that I can rely on for support in di�cult times.

9. I feel very lonely most of the time.

10. I do not have a very close friend.

A.3 Support from Neighborhood

For each sentence, please select one of those choices below:

�5: De�nitely True,� �4: True,� �3: Not Sure,� �2: False,� and �1: De�nitely

False�

1. Neighborhood dwellers come together to solve problems in neighborhood.

2. When I have a problem, someone from the neighborhood helps me.

3. I can ask someone in our neighborhood to take care of my children when

I need to go somewhere.
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4. I can share it with someone in the neighborhood when my child has a

problem.

5. Someone in the neighborhood would help me if I am sick.

6. Someone in the neighborhood can help me when I need to go to the bank,

hospital, o�ce, etc..
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B. Regional Di�erences in Social Support

Turkey has a rich culture, and social norms vary greatly across regions. Social

support is surely closely related to social norms. Hence, we elaborate on the

quality of social support by comparing the e�ects of di�erent levels of social

support on risk choices with subjects from di�erent regions in Turkey. These

di�erences might be of importance since our dataset includes observations from

19 di�erent cities in Turkey. Speci�cally, we categorize the cities with respect to

their geographical location. We construct dummies for regions in the east/west

and north/south, according to the latitude and longitude of the cities. We then

interact regions with social support indeces to compare the in�uence of social

support from di�erent regions on risk choices.

Table 6 displays results from the OLS regressions of risk choices on three

dimensions of social support and additional controls. Regression results reported

here correspond to the estimation (5) and (6) in Table 2 25.

First, we observe that whether the city of the respondent is in the north

makes a di�erence in incentivized risk choices for the degree of family support.

Women from the south invest about 7% more in the risky option if they receive

more family support, while women from the north invest 1% more. Hence, the

degree of perceived support from family has a greater in�uence on risk choices

in southern regions. Geographical location does not seem to make a di�erence

in incentivized risk choices with support from friends and neighborhood.

The e�ect of regional di�erences in social support is greater on choices in

the hypothetical lottery. Subjects from western cities with greater perceived

social support from their families tend to invest about 10 % more in the hy-

pothetical lottery, while those from eastern cities invest only 2 % more. Fur-

thermore, subjects from Northern cities invest 4 % more in the hypothetical

25Full set of results including the controls are available on request.
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lottery, compared to 10 % in southern cities. Regional variation also matters

for support from neighborhood. Subjects from western cities make signi�cantly

riskier choices (invest about 4 % more) with greater support from neighborhood.

Thus, accounting for the e�ect of support from di�erent regions has a signi�cant

e�ect for hypothetical lottery choices. These di�erence might be attributable

to variation in social norms.
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C. Seemingly Unrelated Regression Estimations

The Seemingly Unrelated Regressions (SUR) method, put forward by Zellner

[1962], takes account of a potential correlation between the residuals from jointly

estimated regressions26. Unlike the univariate multiple regression model (which

explains the variation in a single dependent variable), the SUR model explains

the variation of a set of dependent variables in terms of the variation in inde-

pendent variables and individual-speci�c error terms. When the residuals from

a set of regressions are correlated, the regressions are related. Ordinary Least

Squares estimation overlooks the possibility of a correlation between regression

residuals. Hence, estimating the two equations separately using Ordinary Least

Squares produces a di�erent disturbance covariance matrix, which leads to in-

correct inference if the residuals from the two regressions are correlated.

We estimate Seemingly Unrelated Regression (SUR) equations for choices in

the incentivized risk task and the hypothetical lottery question using the iden-

tical set of regressors from Table 2, speci�cations (5) and (6). We do not report

the SUR estimation results here, as it yields identical results with the OLS re-

gressions in Table 2, columns 5 and 6. Note here, that the set of independent

variables are the same for estimated regressions. It follows from Kruskal's Theo-

rem that OLS and SUR are equivalent when the set of regressors are exactly the

same. Nevertheless, in Zellner [1962] it was shown that when the equations are

related, joint estimation (rather than estimating the equations separately), leads

to more precise estimates of the regression coe�cients and improved hypothesis

testing.

In our setting, SUR estimation results con�rm that the residuals from the

26 See Zellner [1962], Zellner and Huang [1962], Zellner [1963] for further details on this

method and properties of the estimators. Allenby et al. [2005] provides an application.
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two regressions are correlated (a correlation of 0.24). A Breusch-Pagan test of

independence shows that our dependent variables are not independent (p<.001).

With respect to these results, we test a cross-equation constraint of whether the

quality of social support has the same e�ect on risk choices elicited via di�erent

methods (for all three dimensions of social support). We perform a Wald test to

test for the equality of coe�cients between equations. We fail to reject the null

hypothesis that the in�uence of quality of social support is equal for incentivized

risk choices and choices in the hypothetical lottery. This conclusion is valid for

all three dimensions of social support. Our results suggest that the quality

of social support has di�erent e�ects on risk tolerance measured via di�erent

elicitation tasks. This might be explained by the di�erence between stakes (large

vs. small) and in real vs. hypothetical choices.
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